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Abstract

When countries or international organizations accuse others of violating international law,
they often seek to persuade publics in third-party states to support punishment. When do ac-
cusations persuade, and when do they backfire? We argue that accusations persuade those who
trust the source but do not already agree with the claim, while they backfire among those who dis-
trust the source but whose priors align with the accusation. Accusations also reshape views of the
accuser: claims that contradict prior beliefs reduce perceived source credibility. We test these ex-
pectations with survey experiments in four global swing states: India, South Africa, Turkey, and
Indonesia. ICC accusations that Russia violated international law generate persuasion and back-
lash among the theoretically expected respondents and improve views of the Court’s credibility.
Identical U.S. accusations fail to persuade, often backfire, and further undermine U.S. credibility
because publics in swing states view the United States as a less trustworthy source.
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1 Introduction

Accusations that a state has broken international law are a prominent rhetorical strategy in interna-

tional relations.1 Toname just a few, theUnited States and the International Criminal Court have both

accused Russia of committing war crimes in Ukraine. South Africa and a subsequent ruling from the

International Court of Justice accused Israel of committing genocide in Gaza. The very first thing the

Iranian foreign minister said in condemnation of U.S. airstrikes in 2025 was that they were “a grave

and unprecedented violation of… international law.”2 Accusations that a state has violated interna-

tional law constitute a message from a sender – such as another state or an international organization

– to an audience – such as publics in third-party states. The audience then decides whether to change

its opinions about the accused state or support policies that would punish it. A key goal of accusations

is to persuade those audiences to impose costs on the accused country.

When do accusations persuade third parties to change their beliefs about the target state’s guilt or

shift public support for punishing the accused? Additionally, how do accusations shape attitudes about

the accuser as well as the accused? Current scholarship is split over whether accusations persuade or

trigger backlash. Some emphasize how accusations persuade audiences.3 Others emphasize backlash,

where the audience shifts their beliefs in the opposite direction from that intended by the accuser.4

Within this debate, there is a wide array of seemingly disparate moderating factors. There is not a

clear framework for consistently predicting which subsets of audience members will be persuaded or

backlash.

We first describe a simple, parsimonious model that gives clear predictions for both persuasion

and backlash among different audience members. The effects of an accusation depend jointly on the

audience member’s prior beliefs about the target’s guilt and perceived credibility of the information

source. Persuasion is most likely for an audience member who trusts the information source and does
1Morse and Pratt (2022), Morse and Pratt (2025).
2Foreign Minister of the Islamic Republic of Iran, “Full Text of the Letter from the Foreign Minister of the Islamic

Republic of Iran Seyyed Abbas Araghchi to the Secretary-General of the UN,” June 23, 2025, accessed May 25, 2026,
https://en.mfa.ir/portal/newsview/769278/full-text-of-the-letter-from-the-foreign-minister-of-the-islamic-republic-
of-iran-seyyed-abbas-araghchi-to-the-secretary-general-of-the-un

3E.g. Wallace (2013) and many others.
4E.g. Madsen et al. (2022) and many others.
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not already think the target is guilty. Backlash is most likely when the audience distrusts the source

but has prior beliefs that agree with the accusation.

The model also describes how accusations can change audience beliefs about the accuser, as well as

the accused. Accusations can change audience beliefs about the credibility of the information source

itself, distinct from any change in beliefs about the target. Messages that reinforce the audience mem-

ber’s prior beliefs increase perceived source credibility, while messages that conflict with those priors

reduce it.

We test these predictions using large survey experiments in four “global swing states”: India, In-

donesia, South Africa, and Turkey (N = 6,553). The experiments examine a critical case: how accusa-

tions against Russia for alleged war crimes in Ukraine shape public opinion about Russian guilt and

support for sanctions or aid to Ukraine. We included pre-treatment measures of respondents’ prior

beliefs about Russian actions and various measures of trust in the International Criminal Court (ICC)

and the United States as information sources. Respondents were then randomly assigned to receive a

promptwith an accusationmade by either the ICC or theUnited States, with a control group receiving

no such prompt.

We first find that, at the aggregate level, U.S. accusations backfired. Overall, U.S. accusations

reduced respondents’ beliefs that Russia committed war crimes and lowered their support for policies

to impose costs on Russia such as sanctions or military aid to Ukraine. In contrast, accusations by the

ICC had more muted impacts. ICC accusations had little effect on respondents’ beliefs about Russian

guilt and their support for punishment. When incorporating heterogeneity in prior beliefs about

Russian guilt and the credibility of the accuser, we find evidence of both persuasion and backlash. The

patterns of persuasion and backlash are generally consistent with the predictions of the theoretical

model.

Second, the very act of making an accusation affected respondents’ views of the accusers them-

selves. U.S. accusations diminished respondents’ trust in the United States as a credible source of in-

formation. In contrast, ICC accusations increased trust in the ICC as a source of information. These

effects were also moderated by respondents’ prior beliefs, as predicted by the model. Those skeptical
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of Russian guilt lowered their perceptions of the accuser’s credibility, while those who thought Russia

was guilty raised their beliefs about the accuser’s credibility.

The broader implication of the first set of findings is that accusations from untrusted sources

can do more harm than good. Accusations from the United States were more likely to backfire than

persuade. While ICC accusations are only persuasive to a certain subset of the audience, they are

nonetheless more persuasive than U.S. accusations, with significant differences between the two. The

consequences of weak U.S. credibility go beyond mere feelings or soft power. A lack of credibility

affects whether the U.S. can rally foreign support for sanctions and aid for allies - things that are tied

directly to the hard power and material consequences of geopolitical conflicts. Governments like the

United States would benefit from channeling accusations about international law through IOs to be

more persuasive and avoid backlash.

The broader implication of the second set of findings is to show a feedback effect. The credibility

of the accuser is itself endogenous, shaped by the signals sent by the information source. Accusations

can shape the audience’s perceptions of the IO or state making the accusation, which can help or harm

that actor’s credibility. An accusation today, about one target, can potentially affect future persuasion

by altering trust in the source when they make an accusation about another target. Accusations that

are well-received could convince the audience to support the source’s goals and increase their trust in

the source, which will make the source even more persuasive the next time it seeks to sway opinions.

Accusations that are rejected lower trust in the source, making their messaging even less effective the

next time around.

ICC accusations can potentially build a foundation for trust, which may make it easier to persuade

audiences to support its goals. Successes toward its goals likely increase its credibility, which shapes

future reactions, making future successes more likely. Conversely, the United States might erode its

own credibility even further with poorly received accusations, making success less likely, and in turn,

decreasing its credibility the next time around. Here too, from the perspective of rallying foreign

support, it would be better for the United States to avoid bluster when it lacks credibility.

More broadly for international relations research, we highlight the importance of global swing
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states. By global swing states, we mean countries where public opinion is neither firmly aligned with

nor overwhelmingly against the United States, its allies, or its adversaries. These countries’ foreign

policies often reflect this, neither consistently supporting nor opposing a particular geopolitical bloc.

The last decade has seen a resurgence of great power competition, pitting the United States and its

allies against Russia and China. The United States has increasingly abdicated its leadership role in the

international order, choosing instead to engage in bilateral negotiations or direct coercion on many

trade and security issues. States that are less strictly aligned with either bloc face pressure to choose

sides, adding to the geopolitical importance of swing states.5 Understanding the conditions under

which messaging from leading states and IOs can persuade swing states will be critical to predicting

the future directions of their foreign policies.

Beyond international relations, our approach offers a framework for explaining when informa-

tion persuades, backfires, or appears to have no aggregate effect.6 Rather than treating persuasion and

backlash as competing expectations, we show that they are different reactions of the same updating

process for different audiences. Incorporating and measuring prior beliefs about the issue and beliefs

about the credibility of the source lets us make clearer predictions about whose beliefs are changed

by information, and in which direction, while also explaining how aggregate null effects can mask

systematic but offsetting patterns of persuasion and backlash. The framework also shows how many

moderating factors in existing work, such as party identification or cooperative internationalist atti-

tudes, conflate prior beliefs about the issue and beliefs about source credibility. The implications of

those moderators are therefore theoretically ambiguous, or at least depend on unstated assumptions.

Our model separates these components and shows how they jointly determine the direction and mag-

nitude of belief updating about the target and the source. Our overall framework provides scaffolding

that can unify and clarify a large body of existing moderators.
5Fontaine and McKinley (2025).
6For example, research in American politics considers whether new information persuades or polarizes (Coppock

(2023), Arceneaux and Johnson (2013)). In comparative politics, research considers whether propaganda fromone country
is more persuasive than messaging from a rival state (Mattingly et al. (2025)).
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2 Information from IOs and Governments

A deep and wide literature on the effects of messages from IOs, naming and shaming, and public

diplomacy shares a common structure: a sender transmits a piece of information to try to persuade

an audience. The sender hopes to change the audience’s beliefs about the state of the world and the

appropriate action they should take. For example, when an Indian citizen learns that the ICC has ac-

cused Russia of breaking international law, the Indian citizen is the audience, the ICC is the sender of

this message, and Russia is the target. The citizen has prior beliefs about the true state of the world:

whether Russia has broken international law. The citizen also has beliefs about the trustworthiness of

the messenger: whether the source’s information correctly matches the state of the world. The infor-

mation she receives potentially changes her posterior beliefs about this state of the world and whether

she should therefore support some action, like sanctioning Russia. Foundational theories about the

effects of international messaging emphasize the importance of reactions in third-party states, not

just the target state itself.7 As Murdie and Davis (2012) observe, “shaming often leads to heightened

pressure on the repressive regime from third-party states, individuals, and intergovernmental organi-

zations.” The third-party costs triggered by accusations and shaming are a key part of the effectiveness

of many international organizations and soft law instruments.

A striking feature of this literature is that there are mixed findings where messages lead to persua-

sion and backlash, with a wide array of moderating factors whose theoretical implications are often

difficult to compare. Information that a policy violates international law generally decreases support

for that policy.8 When a specific sender, like an IO or government, transmits information or makes

an accusation, this can increase or decrease support for the policy or target of the accusation. For ex-

ample, information disseminated by IOs can have its intended persuasive effect on public support for

human rights, migration policy, military coalitions, or the use of force.9 However, other studies find

that signals from IOs or pertaining to legal standards can trigger backlash, prompting individuals to
7E.g. The boomerang model from Keck and Sikkink (1998).
8E.g. Wallace (2013). See Chilton and Linos (2021) for a summary. There is of course an even wider literature on

signaling, cueing, and messaging across subfields and disciplines. We focus here on applications most directly related to
this setting.

9Anjum et al. (2021), Mikulaschek (2023), Recchia and Chu (2021), Suong et al. (2024).
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reject the information or shift their beliefs in the opposite direction.10 Research on public diplomacy

is similarly mixed, with some studies finding positive effects11 and others finding backlash.12

Recent advances in this literature have emphasized the importance of other, downstream actors

in shaping whether messages persuade. Chaudoin (2023) and Mikulaschek and Parizek (2025) show

how an IO’s actions are filtered through the media. IOs also now use new media communication

tools to attempt to reach mass audiences.13 Accusations are also just one step in a longer dance of

messaging and counter-messaging between accusers and the accused.14 Accused governments can

avoid domestic political costs with imagemanagement.15 Morse and Pratt (2025) measure support for

punishing a country accused of violating international law in a sample of U.S. respondents and global

elites. Retorts by the accused generally decrease respondents’ willingness to punish them, while IO

rebuttals blunt some of these retorts.

Existingwork also givesmany explanations for things that canmoderate –meaningmagnify, mute,

or reverse – the effects of signals from IOs and governments. Certain audience characteristics could

make them more or less responsive to certain signals. For example, the audience may have views of

the messenger’s credibility, i.e. whether the audience trusts that the messenger’s information correctly

reflects something the audience cannot observe. This then conditions how the audience reacts. For

example, Dellmuth and Tallberg (2021) argue that civil-society organizations’ messages are more per-

suasive thanmessages from national governments, because audiences view them as less biased by their

own self-interests. The messenger has credibility because the audience believes their preferences are

more aligned.16

Some arguments attribute credibility to the audience’s broader, overall disposition toward inter-

national law, IOs, or international relations, which also make signals more or less persuasive. If the

audience has favorable attitudes or confidence in the sender, then they are more responsive to its
10For example, Madsen et al. (2022), Cope and Crabtree (2020), Efrat and Yair (2023), Davutoglu (2026), and Gruffydd-

Jones (2022).
11E.g. Goldsmith et al. (2021), Wang et al. (2023), Choi et al. (2023).
12E.g. Goldsmith and Horiuchi (2009), Rhee et al. (2024), and Mattingly and Sundquist (2023).
13Carnegie et al. (2024).
14Zvobgo (2019), Chow and Levin (2024), Gruffydd-Jones (2022).
15Morse and Pratt (2022).
16See also Abramson et al. (2025).
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signals.17 Audiences with “cooperative internationalist” dispositions may be more receptive to sig-

nals advocating for cooperation, multilateralism, or international law.18 Other studies highlight the

importance of relational dynamics between the sender and the audience. The effects of a message de-

pend on geopolitical alignment and perceptions of the sender as part of the in-group or out-group.19

Both ideology and partisanship are correlated with preferences over specific policies and general dis-

positions toward different messages and messengers. They, too, can moderate the persuasiveness of a

signal. For example, Cope and Crabtree (2020) find that prompts about international law obligations

regarding refugees backfire in Turkey, especially among incumbent party supporters.20

Other arguments micro-found credibility based on whether the message would be expected or un-

expected, given themessenger’s underlying “type.” For example, UNSecurity Council authorization of

the use of force can persuade audienceswhoworry that the use of force is hegemonic adventurism, and

the signal sent by authorization is particularly trustworthy when it diverges from usual inclinations of

powerful member states.21 Conversely, when the signal sender is the “wronged country” complaining

about another country’s actions, this is less persuasive, since the wronged country has an incentive to

overstate its grievance.22

The audience’s prior beliefs about the state of the world also moderate the effects of a message.

If the audience already agrees with the message, then its marginal effect is minimal. The sender is

“preaching to the choir.” If the audience already disapproves of the target, then condemnation about

its illegality cannot push approval further downward. For example, Chaudoin (2014) finds that treat-

ments about a possible WTO dispute have the largest effect for those who are neither strongly sup-

portive of nor opposed to free trade, ex ante. Spilker et al. (2020) also find that the effect of new

information about a trade agreement is less impactful for those with stronger priors.23

17Bearce and Cook (2018), Anjum et al. (2021), Grieco et al. (2011).
18Kertzer et al. (2020).
19Chu (2025), Terman (2023), Pauselli (2023).
20See Brutger (2021), Chaudoin (2023), Cordell (2026), and Kertzer et al. (2020) for other examples of partisan moder-

ation.
21E.g. Chapman (2007) and Fang (2008). See also Thompson (2006) and Thompson (2015). Mikulaschek (2023) shows

how unanimity makes these signals particularly persuasive.
22Cohen and Powers (2024).
23Búzás and Bassan-Nygate (2024) and Cope (2023) alsomake floor or ceiling effect arguments. Arias et al. (2022) show

this for malfeasance audits.
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Though many arguments about prior beliefs or credibility are not mutually exclusive, the direc-

tions of their moderation effects are often in tension. Consider whether someone holds a favorable

view of the United Nations or holds cooperative internationalist (CI) foreign policy attitudes. If an

IO says “the target violated international law and should be sanctioned,” then these moderators have

conflicting effects on the overall effect of the message. Both moderators may make the audience more

trusting of amessage from an IO, which shouldmagnify the persuasive effects of themessage. But that

same audiencemember is also likely to already believe what the IO is telling them and condemn the be-

havior in question, which blunts the persuasive effects of the message. Their net effect is theoretically

unclear. Which effect dominates is difficult to know ex ante.

3 Theory

Wewant a theoretical model that achieves three objectives: (1) It should be capable of predicting both

persuasion and backlash among subsets of the audience, (2) It should subsume many of the disparate

moderators described above and distill them into clear predicted treatment effects for experimental

designs, and (3) It should generate predictions about how accusations shape perceptions of the mes-

senger, not just the accused. We formalize this model in Appendix A. Here, we describe its first prin-

ciples, predictions, and intuition. We will continue with the example of an accusation about Russian

war crimes for simplicity and to match our experimental setup.

Suppose there is a set of audience members who have heterogeneous prior beliefs about an un-

observed state of the world, i.e. whether Russia is guilty. They all receive a common signal that says

“Russia is guilty.” They have heterogeneous prior beliefs about the trustworthiness of the sender,

i.e. whether its signal correctly reports the truth about whether Russia is guilty.

How does a signal affect the audience member’s posterior beliefs about the state of the world and

whether the sender is trustworthy? In our model, audience members form posterior beliefs using

Bayes rule.24 For each audience member, we define the treatment effect as her posterior beliefs minus
24For a comparison between our model and motivated reasoning models and signaling models based on type, see Ap-

pendix A.
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her prior beliefs. For example, if she thought there was a 50% chance Russia was guilty before the

signal and a 75% chance after the signal, then the treatment effect of the signal on her beliefs about

the state of the world is 0.75 − 0.5 = 0.25. We define treatment effects on the trustworthiness of

the sender in the same way, her beliefs about trustworthiness after the signal minus her prior beliefs

about trustworthiness.

This definition of treatment effects has a natural, direct mapping to experimental designs. We

want to compare beliefs in aworldwhere the audiencemember receives a signal, compared to a control

condition where she does not receive a signal. In the latter case, without any signal, her posteriors

are simply her priors. In a between-subjects experimental design, researchers compare posteriors

from a group that has been treated with some piece of information to a control group that has not

received it, and therefore retains their prior beliefs. In a within-subject design, researchers analyze

the aggregate differences between pre-treatment (prior) beliefs and post-treatment (posterior) beliefs.

Our theoretical definitions of treatment effects match exactly the quantity of interest that is implied

by the vast majority of experimental applications.

Figure 1 shows the predicted treatment effects for posteriors about the state of the world. The

horizontal axis shows respondent 𝑖’s prior beliefs about source trustworthiness. The vertical axis

shows her prior beliefs about the state of the world. Each cell in the plot shows the magnitude and

direction of the treatment effect. Blue cells on the right-hand side indicate positive treatment effects,

i.e. persuasion. The audience member’s posteriors have moved in the sender’s intended direction.

The bottom right quadrant is where persuasion is most powerful. Individuals in the quadrant didn’t

think Russia was guilty and they trust the source of the signal. They therefore show the greatest

positive movement from their priors to their posteriors. The top right quadrant shows a ceiling

effect, where the sender is “preaching to the choir.” These individuals trust the signal, but they already

thought Russia was guilty, so their posteriors are only a small increase over their priors. Red regions

indicate negative treatment effects, i.e. backlash. These individuals think the signal is worse than

uninformative. They think the signal should be interpreted in the opposite direction from the sender’s

intended effect. In the top left, these individuals thought Russia was guilty but distrust the signal, so
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they are themost “dissuaded” to believe the sender. In the bottom left, the sender’s signal has “fallen on

deaf ears.” They distrust the signal, but there is a floor effect because they already didn’t think Russia

was guilty.
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Figure 1: Predicted effect of treatment on beliefs about the state of the world. For an audience
member with a particular pair of prior beliefs about the state of the world and the trustworthiness of
the source, the color shows how a signal changes her beliefs about the target’s guilt. Blue indicates
that the message raises the probability that she thinks the target is guilty, relative to her priors, and
vice versa for red.

H1 (Treatment effects on posteriors about the state of the world):

H1a (Persuasion): Accusations will be most persuasive for individuals with high trust in the source

and who do not already have prior beliefs that are strongly aligned with the signal.

H1b (Backlash): Accusations lead to backlash the most for individuals with low trust in the source

and who have prior beliefs that are strongly aligned with the signal.

Thismodel of updating is simple and parts of its intuition are found in existingwork. However, its

value goes beyond precisely showing predicted treatment effects. It also lays bare issues with existing

work that tests aggregate hypotheses and experimental designs that do not measure priors about the

state of the world and the sender.
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The difficulty of testing aggregate hypotheses, like “the signal persuades,” without measurements

of priors about the state of the world and source trustworthiness is apparent in Figure 1. If the sample

included people evenly spread across all four quadrants and a researcher regressed posterior beliefs

on whether the individual got the signal, the coefficient would equal zero, despite these individuals re-

sponding exactly as predicted in the model. We might conclude that the signal was ignored, even if every

individual was a “complier” with the treatment and reacted in the exact way predicted by the model.

Figure 1 also shows why prior beliefs and trustworthiness matter jointly in predicting and assess-

ing moderation effects. Varying prior beliefs generally has a non-monotonic effect on the magnitudes

of predicted treatment effects. For a given perception of trustworthiness, the treatment effects in-

crease and then decrease when we move from the bottom of the figure to the top. The gradient of the

treatment effect as we vary priors also depends on perceptions of trustworthiness. On the left-hand

side (signal is untrustworthy), moving from bottom to top makes treatment effects more negative,

and then less negative as priors approach the upper bound. On the right-hand side (signal is trust-

worthy), the opposite is true. Our empirical approach will aggressively measure respondent priors

and their perceptions of information sources. This enables us to examine reactions across the prior

and trustworthiness space, and compare treatment effects with a concrete prediction for each type of

respondent.

Figure 1 also makes it apparent why some moderators from existing work have ambiguous im-

plications. Scoring higher on a cooperative internationalist (CI) scale, for example, might make a

respondent more trusting of an IO’s signal. This magnifies treatment effects. But it also means the

respondent already believes what the sender is telling them, which blunts treatment effects. The same

applies to partisan identity as a moderator. It’s correlated with both dimensions of a respondent’s

prior beliefs, so its net effect, whether it magnifies, mutes, or reverses treatment effects is ambiguous,

ex ante. And without measures of priors, we cannot accurately conclude whether and how these other

moderators change treatment effects.25

25We show this ambiguity theoretically and empirically in the appendix.
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3.1 Treatment effects for source trustworthiness

The signal also affects beliefs about the trustworthiness of the source itself. The impact of information

extends beyond its immediate persuasive effects, influencing long-term perceptions of the source it-

self.26 When the source provides information that matches the audience’s priors, the audience is more

likely to increase their support for and trust in that source. Conversely, when information conflicts

with their priors, not only is the content of the message rejected, but this leads to a further erosion of

trust. This loss of credibility can have significant downstream effects, diminishing the source’s ability

to shape public opinion or mobilize support in future interventions.

Figure 2 shows predicted treatment effects for source trustworthiness. The treatment effects are

monotonically increasing in the audience’s prior beliefs that “guilty” is the state of the world. The

intuition is that, if an audience member starts more convinced about the state of the world, and they

receive a signal that comports with that prior belief, then they update favorably about the quality of

the source. “If the source tells me what I think is already true, then I trust the source more,” and

vice versa. The contours of the treatment effects are different from the predicted treatment effects

about the state of the world. In the bottom right region, the audience member says “I thought you

were trustworthy, but then you told me something that really contradicts my priors, so I lower my

beliefs about your trustworthiness.” In the upper left, the audience member says “I thought you were

a terrible source, but then you said something that matched my priors, so I upgraded my beliefs about

you as a source.” Hypothesis 2 describes these key features of the predicted treatment effects that we

analyze empirically below.

26See also Cheng and Hsiaw (2022), Gentzkow et al. (Forthcoming). We are not aware of any existing applications to
international relations.
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Figure 2: Predicted effect of treatment on beliefs about the trustworthiness of the source. For an
audience member with a particular pair of prior beliefs about the state of the world and the trustwor-
thiness of the source, the color shows how a signal changes her beliefs about the source. Blue indicates
that the message raises her perception of the source’s trustworthiness, relative to her priors, and vice
versa for red.

H2 (Conditioning effect of priors about the state of the world): The effect of an accusation on beliefs

about the trustworthiness of the source is increasing in the individual’s prior beliefs that “guilty” is the

state of the world.

A large body of research examines the features of IO legitimacy.27 Institutional characteristics – en-

compassing both procedural and performance-based qualities – can broadly shape public perceptions

of the legitimacy of IOs.

This model shows a specific way that the trustworthiness of a messenger is an endogenous at-

tribute: it is shaped by the messages they have previously sent. Trust in an IO can evolve dynamically

and is a function of what it has previously said. IOs or diplomacy can create a positive feedback effect,

if the public has at least some level of trust in the information source. Over time, sending information

that matches the audience’s priors enhances the source’s ability to persuade and shape public opinion,
27Dellmuth et al. (2019), Dellmuth and Tallberg (2021), Ecker-Ehrhardt et al. (2024), Ghassim (2024). Brutger and

Strezhnev (2022) and Chung (2025) show that information about disputes involving a respondent’s country can erode
public attitudes toward the IO associated with the dispute.
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even if short-term effects are more limited. An information source can become more credible with

consistent engagement that bolsters their legitimacy and long-term persuasiveness.

4 Experimental Design

4.1 Background and sample

Wechose accusations of Russianwar crimes for the context of our survey because it represents awater-

shed event inwhich swing states have played a critical role. InMarch 2023, the International Criminal

Court (ICC) issued arrest warrants for Russian President Vladimir Putin, alleging responsibility for

war crimes committed during Russia’s invasion of Ukraine in 2022. The alleged crimes included the

unlawful deportation of children from Ukraine, which the ICC classified as a violation of interna-

tional law. Foreign governments, especially the United States, also condemned Russia for numerous

instances of war crimes in Ukraine, ranging from indiscriminate attacks on civilian infrastructure to

documented atrocities such as those committed in Bucha and Mariupol.

To examine how such accusations are received, we conducted survey experiments in India, Indone-

sia, South Africa, and Turkey, in collaboration with TGM Research in October 2024.28 We chose our

experimental sites because they are important cases of “global swing states.” Since the onset of the

Cold War, there have loosely been two blocs: the West (the United States, Western Europe, and like-

minded democratic allies such as Japan and South Korea) and its adversaries. Global swing states are

those where public opinion is generally more balanced in support or opposition to one bloc or the

other. Countries can differ in the degree to which they swing and this can, of course, vary across issue

areas. But a handful of countries emerge as consistently inconsistent.29 The citizens of swing states

vary greatly in their prior beliefs about the targets of many accusations and trust in the information

source. They are an important place to study persuasion and backlash because an accusation could be
28TGM recruits from existing panels of online respondents. Their samples reflect national distributions, in terms of

demographics. Respondents passed an initial attention check before proceeding to the survey.
29Cronin-Furman (2020) and Char (2025) describe human rights swing states as those who neither champion nor

consistently oppose multilateral action on human rights.
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pivotal for moving their citizens from opposing consequences for the accused to supporting them, or

vice versa. The swing states of the world could potentially go either way, so the marginal effect of an

accusation may be greatest in swing states.

Reactions of these swing states are especially important as they play a critical role in forming

coalitions to implement punishment against adversaries. Additional condemnation from France or

support from Belarus is largely irrelevant for Russia. Russia received condemnation or support from

those countries before ICC accusations and continued to do so afterwards. Condemnation from a

swing state like India, however, has much larger implications. For example, the effectiveness of eco-

nomic sanctions on Russia largely depends on these states’ willingness to enforce trade restrictions,

limit access to financial systems, or reduce dependency on Russian energy exports. As hegemons or

bloc leaders build coalitions to pursue their goals, they focus a large amount of effort and attention on

persuading swing state countries to choose their side.30

Public opinion in our chosen countries does not staunchly align with or against Russia and the

United States. Figure 3 shows where these countries generally lie in their attitudes toward Russia and

the United States based on the Gallup World Poll surveys between 2013 and 2023. The vertical axis

shows the mean share of respondents indicating that they approve of the leadership of Russia. The

horizontal axis shows approval of U.S. leadership. All four occupy a “swing” position as they are not

anchored at either the pro-U.S. or pro-Russia extremes on both dimensions.

In terms of government policies, these countries have also typified the “non-aligned” stance, op-

posing Russia in some, but not all, ways. Table 1 summarizes each country’s stance on some of the key

issues surrounding Ukraine. None of the four countries actively participate in the sanctions regime

against Russia, though Indonesia stopped some arms imports from Russia.31 India and Turkey pro-

vided aid to Ukraine, but their amounts were the smallest among donors even after accounting for

differences in economic size.32 Each of the four countries either voted in favor of or abstained from
30Fontaine and Kliman (2013), Fontaine and McKinley (2025). To draw an analogy to U.S. politics, campaigns focus

much more of their resources on swing states, rather than fighting losing battles in opposition strongholds or wasting
money on states they know they will win.

31Chivvis et al. (2023).
32Among 40 donors, India ranked 40th in assistance as a share of GDP (USD 3.5 million, less than 0.001%) and Turkey

ranked 38th (USD 83.1 million, 0.01%). Kiel Institute Ukraine Support Tracker (Antezza et al. 2023).
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the 2022UNGeneral Assembly resolutions condemning the latest Russian invasion of Ukraine.33 The

countries also took tepid, generally non-committal stances on the ICC’s arrest warrant for Putin.
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Figure 3: Approval ofU.S. vs. Russian leadership (Gallup, 2013–2023 average). Countries above the
line approve Russian leadership more, while countries below approve U.S. leadership more.

Country Aid to Ukraine Sanctions Regime
Participation

UNGA 2022 Res-
olutions

ICC Arrest War-
rant

India Yes, but limited No Abstained Non-member, no
public stance

Indonesia No No Voted in favor Non-member, no
public stance

South Africa No No Abstained Member,
mixed/critical
public stance

Turkey Yes, but limited No Voted in favor Non-member, no
public stance

Table 1: Positions of selected countries on Ukraine-related issues.

4.2 Survey Design

Pre-Treatment Measures. Pre-treatment, we measured respondents’ prior beliefs about whether

Russia had violated international law.34 Our item read “Countries sometimes violate international laws of
33United Nations General Assembly. Aggression against Ukraine. Resolution adopted at the 11th Emergency Special

Session, A/RES/ES-11/1, 2 March 2022.
34The full survey instrument is reported in Appendix B.
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war that restrict attacking civilians and other acts. In your opinion, what is the percent chance that [Russia

has] violated international laws of war over the last 5 years?” Respondents chose from a sliding scale from

0-100.35

We also included three items that measure respondents’ perceptions of the trustworthiness of a

particular source of information. The first item asked “There are many sources of information about

international affairs. Some sources of information are trustworthy and others are not. On a scale of 1-100,

with zero being the least trustworthy and 100 being the most trustworthy, where would you place the following

sources of information?” Respondents answered for the United States Government, the ICC, and the

media.36 The second item read “[Countries/international organizations] criticize each other. Sometimes

they are telling the truth and other times they have another motive. In your opinion, what is the percent chance

that these [countries/international organizations] are telling the truth when they criticize another country?”.

Respondents again chose on a scale from0-100. The list of countries included theUnited States, China,

and France. The list of IOs included the ICC, the WHO, and the EU. Third, we used a simple feeling

thermometer for the United States and the ICC.37

Treatment. Respondents assigned to the control group read the following sentence: “As you may

or may not know, Russia invaded Ukraine in 2022.” Respondents assigned to the U.S. or ICC treatment

groups read the control group sentence, followed by an additional declaratory statement: “The [United

States/International Criminal Court] has accused Russian leaders of committing war crimes during the inva-

sion.” This treatment design is simple and minimal: the only new information it conveys is that a

particular source has made an accusation.

We selected the United States as the individual state treatment because it is widely regarded as one
35They answered for Russia, the United States, and China. We randomized the country order. Including the United

States andChina helpsmake this itemnot solely focused onRussia. We used the “percent chance” language since it has been
used in previous studies conducted internationally that were focused specifically on measuring probabilities (Delavande
(2014)).

36Again, we randomized the sub-items for this and all subsequent questions where applicable, and we included the
media to avoid focusing solely on the two actors of interest. We used a 100-point scale to allow for granularity.

37The item read “We’d like to get your feelings toward certain countries and international organizations on a ‘feeling thermome-
ter.’ A rating of zero degrees means you feel as cold and negative as possible. A rating of 100 degrees means you feel as warm and
positive as possible. You would rate the country or organization at 50 degrees if you don’t feel particularly positively or negatively
toward them. How do you feel about the following countries or international organizations?”. The list also included Russia and
Israel.
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of themost influential countries in theworld, both inmaterial and soft power. The potential effects of

its accusations are intrinsically important. Among international organizations that condemned Rus-

sia, we selected the ICC for the IO treatment because it is an independent legal institution, distinct

from the signaling of individual states. The ICC opened a formal investigation in 2022 and issued ar-

rest warrants for President Putin and another official inMarch 2023. Unlike other IOs such as the UN

or the EU—whose statements often reflect the collective positions of member states, the ICC operates

through independent legal bodies, including a judiciary and an Office of the Prosecutor, which are not

strongly associated with any single national interest. This makes the ICC an important contrast for

isolating the effects of signaling from an ostensibly neutral, norm-enforcing IO versus an individual

state actor.

Outcome Measures. We included three types of outcome measures: the respondents’ posterior be-

liefs about Russian guilt, their preferences over policies toward Russia, and their beliefs about infor-

mation sources themselves.38 For posterior beliefs about Russian guilt, we asked “How likely is it that

Russian leaders have committed war crimes in Ukraine?” and respondents used a 100-point scale.

For policy responses that the respondent’s government could adopt, we asked three agree/disagree

questions aboutwhether the respondent’s government should impose sanctions onRussia and provide

military or non-military aid to Ukraine. These policies vary in form and intensity, but all represent

ways for third-party governments to impose costs on the targeted state, either directly through eco-

nomic punishment or indirectly by helping Ukraine. We summarize the three policy items with a

composite policy support index. The index is the simple average of the three items on the 1-5 agree-

ment scale, so higher values indicate stronger support for imposing costs on Russia. The three items

capture closely related dimensions of the same underlying preference, and averaging across them re-

duces idiosyncratic noise that is specific to any single instrument, such as concerns about escalation

that are particular to military aid. The overall level of support for the policy responses in each coun-

try was consistent with our characterization of them as swing states. If we assign numerical values

to the 5-point agreement scale, 1-5, the mean of the responses across all four countries was 3.3 for
38We randomized the order of these items across respondents, following Chaudoin et al. (2021).

18



non-military aid, 2.9 for military aid, and 3.0 for sanctions.39

To assess post-treatment trust in information sources, respondents were asked: “Some sources of

information are biased, and others are not. On a scale from 0 to 100, with 100 being themost biased, where would

you place the following sources of information?“We then reverse-coded these bias ratings to construct a

trust measure, so higher values indicate greater trust of information sources.40

5 Results

We first analyze the aggregate effect of treatment on beliefs about Russian guilt and support for policy

responses. Next, we show how heterogeneous treatment effects are consistent with our theoretical

predictions (Hypothesis 1). We then analyze the aggregate and heterogeneous effects of treatment on

perceptions of the information source (Hypothesis 2).

5.1 Treatment effects on aggregate posterior beliefs and policy support

Did U.S. and ICC accusations influence aggregate opinions about Russian guilt and possible govern-

mental responses? The left pane of Figure 4 shows the effect of the U.S. and ICC treatment on agree-

ment with the statement that Russia committed war crimes. For these estimates, we regressed (OLS)

responses to the question aboutwhether Russia committedwar crimes on an indicator forwhich treat-

ment the respondent received. Aggregate treatment effects are generally modest. The aggregate effect

of the U.S. treatment is actually negative. Overall, the U.S. accusation moved respondents’ beliefs in

the unintended direction. The ICC treatment effect is also negative, but it is very close to zero.

The right pane of Figure 4 describes the difference in the two treatment effects. While the ICC

treatment did not generate a statistically significant change on its own, public belief in Russian war
39These numbers are calculated from control group respondents, since these measures were post-treatment.
40Before turning to results, we note that this experiment was not pre-registered. For readers who are, understandably,

vigilant about mining for heterogeneous treatment effects (HTE), we would note two interrelated things. First, the anal-
ysis of HTE that follows is derived directly from our formal model. The theoretical model gives predictions about how
prior beliefs about the state of the world and trustworthiness of sources should shape treatment effects. Second, the survey
instrument itself was sparse. It focused onmeasuring priors and trustworthiness and did not include an extensive buffet of
possible moderators from which we could search for HTE. Appendix B describes the entire survey instrument, summary
statistics, and balance assessments.
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crimes under the ICC treatment is at least significantly less prone to backlash compared to the U.S.

treatment. The right panel of the figure illustrates this contrast, showing that beliefs about Russian

war crimes are stronger among those exposed to the ICC treatment than among those who received

the U.S. treatment.41

−4 −2 0 2 4

ICC Treatment USA Treatment

−4 −2 0 2 4

ICC−USA

War Crime Beliefs

Figure 4: Aggregate treatment effects on posterior beliefs about Russian war crimes. The left
panel shows the effect of treatments on beliefs that Russia committed war crimes, relative to the
control group. The right panel shows the effect of the ICC treatment, relative to the group receiving
the U.S. treatment.

Figure 5 shows the effects of treatment on a composite measure of support for policy responses.

The composite is the average of the three policy response items, each measured on a five-point agree-

ment scale.42 Effects are estimated in the sameway as those forwar crimes beliefs, and the results show

a similar pattern. The U.S. and ICC treatment effects move in opposite directions, and the ICC–U.S.

difference is statistically significant.

41See Appendix C for table versions of all regression results that are presented here in figures.
42Results are generally consistent across individual policy responses, see Appendix D.
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Figure 5: Aggregate treatment effects on the policy support composite index. The left panel shows
the effect of the ICC and U.S. treatments, relative to the control group. The right panel shows the
effect of the ICC treatment, relative to the U.S. treatment.

Why did the U.S. treatment havemore negative effects than the ICC treatment? The distributions

of trust in each source across respondents give the first clue. Figure 6 shows the smoothed distribu-

tions of responses to the question of trust in the United States and ICC, by country. The vertical lines

show the sample means. In all four countries, the ICC is viewed as much more trustworthy than the

United States. The differences are all significant at the p < 0.001 level.

Many empirical studies focus on aggregate effects, such as those shown in Figures 4 and 5. These

aggregate results, however, can mask systematic heterogeneity in how different individuals react to

the same signal. The same accusation can produce persuasion among some individuals and backlash

among others, depending on each individual’s prior beliefs about the state of the world and trust in

the source. The next section therefore disaggregates the same data by prior beliefs and source trust to

examine whether these heterogeneous patterns align with our theoretical predictions.
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Figure 6: Distribution of trust in sources by country. Vertical lines show themeans for each sample.

5.2 Hypothesis 1 Results

To assess Hypotheses 1a and 1b we classified respondents according to whether they were above or

below the sample medians for the measures of prior beliefs about Russian guilt and pre-treatment

measures of the trustworthiness of a source of information.43 We then estimated the effect of the U.S.

and ICC treatments for the subsamples based on whether they were above or below the median for

priors and above/below median based on measures of source trustworthiness. Hypothesis 1a predicts

the greatest persuasive effects for respondents with low prior probabilities of Russian guilt and high

trust in the source (bottom-right cell). Hypothesis 1b predicts backlash among respondents with high

prior probabilities of Russian guilt and low beliefs about source trustworthiness (top-left cell).

Figure 7 shows the ICC treatment effects on war crime beliefs (left) and policy support to impose

costs on the target (right). The vertical axis shows whether the respondent was above or below the

median in their prior beliefs about Russian guilt. The horizontal axis shows whether the respondent

was above or below the median in their prior beliefs about the trustworthiness of the ICC. In other

words, its layout matches that of Figure 1. Each cell shows the estimated treatment effect and the
43Appendix D shows the sample sizes for each box. We used the country-specific medians, but results are similar with

a variety of other specifications, like using global medians instead of country-specific medians, using means instead of
medians, including/excluding respondent characteristic controls and/or country-specific intercepts. See Appendix D.
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p-value for a test of whether the treatment effect is different from zero.44 The diagonal arrow shows

the p-value for a statistical test of whether the top left effect (backlash group) differs from the bottom

right effect (persuasion group).
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Figure 7: Effect of ICC treatment on posteriors of Russian guilt (left) and the policy support
composite index (right). The diagonal arrow shows the difference in treatment effects between the
backlash (top left) and persuasion (bottom right) groups predicted by our model.

The left and right panels of Figure 7 show that respondents in the bottom right quadrant – those

who did not already believe that Russia was guilty and who also had higher prior trust in the ICC

– were most persuaded by the treatment. Treatment increased their belief that Russia was guilty by

approximately 3 percentage points. Respondents in the top left quadrant – who thought Russia was

guilty but did not trust the ICC –moved their beliefs in the opposite direction, as expected, by approx-

imately 3%. For policy responses, the estimated effect was negative but near zero.

It is most important to establish that the treatment effects in the top left and bottom right are

different from one another. Comparing the treatment effects in the bottom right and top left quad-

rants, they are statistically different for both outcome measures. These results are especially striking,

because, recall that the aggregate effects were near zero and insignificant. Those aggregate analyses

obscured heterogeneity in treatment effects that closely matched that predicted by our model. For

respondents in the top left, the ICC treatment lowered their agreement with the statement that Rus-
44We interacted treatment with indicator variables for which cell a respondent was in, including cell-specific intercepts.

Standard errors and test statistics were calculated with the emmeans package in R.
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sia was guilty by about 3.1%. For respondents in the bottom right, treatment persuaded them and

increased their belief that Russia was guilty by about 3.3%.

Figure 8 shows the effects of theU.S. treatment onwar crime beliefs (left) and the composite policy

index (right). Backlash is most intense in the top-left cell, as expected, for both war crimes beliefs and

policy responses. Respondents in this quadrant already thought Russia was guilty, and they did not

trust the United States. They lowered their posterior beliefs that Russia committed war crimes by

approximately 4%.
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Figure 8: Effect of U.S. treatment on posteriors of Russian guilt (left) and the policy support
composite index (right). The diagonal arrow shows the difference in treatment effects between the
backlash (top left) and persuasion (bottom right) groups predicted by our model.

There were, however, interesting divergences from the model’s predictions. Respondents in the

bottom left quadrant alsomoved in the same directionwith a smallermagnitude. There is not evidence

of persuasion, even where we would have expected it. The diagonal difference between the bottom-

right and top-left quadrants is in the predicted direction for both outcomes, but is not statistically

strong.

Table 2 summarizes how the empirical patterns map onto the model’s predictions for the war

crimes beliefs outcome. For the ICC, results were generally consistent with predictions. For the

United States, backlash appeared where the model predicted it, but it was also more widespread than

expected. One possible explanation for the non-persuasiveness of the U.S. treatment, even among
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Backlash Persuasion Diagonal difference?

where expected? where expected?

ICC treatment Yes Yes Yes

U.S. treatment Yes No No

Table 2: Empirical patterns versus theoretical predictions for war crimes beliefs.

respondents for whomwewould expect persuasion, is that their general trust in the United States may

be higher than their trust on issues related to Russia or war crimes. If respondents thought the United

States was trustworthy in general, but not about Russia, then that would make respondents across

different cells backlash against the U.S. accusation. Respondents’ high levels of backlash against the

U.S. treatment could also indicate that part of their negative responses are an expression of disapproval

of the United States itself, separate from the intended effect of their beliefs about Russia. This is an

important point that merits more discussion, and we return to it in the conclusion.

5.3 Effects on Perceptions of Information Sources

Figure 9 shows the aggregate effects of treatment on perceptions of the trustworthiness of each source.

When the United States made accusations, respondents’ trust in the U.S. declined. It reinforced per-

ceptions of the United States as a biased source of information. Trust in the U.S. decreased by approx-

imately 1.5 points on a 100-point scale, a decline of about 4.2%. In contrast, when the same accusation

came from the ICC, trust in the ICC increased, strengthening beliefs in the ICC’s impartiality. Trust in

the ICC rose by approximately 1.8 points, corresponding to a 4.3% increase. The ICC’s signal strength-

ened public trust of the source.
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Figure 9: Effect of treatment on trustworthiness of source. The estimates show the effect of each
treatment on the post-treatment measure of trust in that source.

When we look at heterogeneity among respondents, some aspects are consistent with the model’s

predictions, while others diverge. For Hypothesis 2, the results are consistent with the prediction that

treatment effects are increasing in priors about Russian guilt. Figure 10 shows how treatment effects

vary with prior beliefs about Russian guilt. These are estimates from a linear interaction term model,

interacting treatment with priors about Russian guilt. As expected, the lines are upward sloping.

When the source gives information that matches the respondent’s priors, the respondent increases

their trust in the source.
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Figure 10: Effect of Treatment on Posteriors about Source Trustworthiness.

Figure 11 shows 2x2 style boxes that we used to estimate treatment effects on posterior beliefs

about Russian guilt. The outcome variable is posterior beliefs about a source’s trustworthiness. Some

features of the results match expectations from the model. We would expect the largest, positive

effects to be in the top left of each figure. For the ICC, the respondents who had low initial trust in

the Court, but then were treated with information that matched their priors, showed a significant

increase in trust in the ICC. We would also expect the largest negative effects in the bottom right,

which is true for the U.S. treatment. Respondents in this quadrant had lower post-treatment views

of U.S. credibility. Although this pattern does not hold for the ICC treatment, which shows generally

positive effects.

However, the differences between the results and other parts of the model’s predictions are also

interesting. Within each treatment group, the general patterns of treatment effects are similar to the

model’s predictions. But the positive aggregate effect of the ICC treatment, compared to the negative

aggregate effect for the United States is surprising, because respondents generally started with more

trusting views of the ICC. If more respondents start out with positive views of the ICC’s trustwor-

thiness and beliefs that Russia is guilty, then the model would have expected it to be harder to move

their beliefs even further. The marginal effect on beliefs about the source’s trustworthiness should be
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Figure 11: Effect of treatment on beliefs about source trustworthiness. The diagonal arrows show
the difference in treatment effects between the top left and bottom right groups.

smaller. This is similar to the “preaching to the choir” effect, where treatment has a weaker effect if

respondents already believe what a source’s message tells them.

This difference between the theoretical model’s prediction and the findings suggests that there is

something distinct about the signaling advantage of the ICC over theUnited States. Despite giving the

same signal, and despite the deck being stacked against finding positive effects of the ICC treatment,

theCourt is still better able to persuade audiences about its credibility. The skepticism that respondents

held toward the United States, ex ante, was reinforced and deepened, even though our treatment had

the United States give respondents the same piece of information as the information given by the ICC.

One possible explanation is that respondents infer different information from the treatment, even

though the wording is identical, and the post-treatment measure of trust elicits something about this

additional information. When the ICC accuses Russia of war crimes, it is possible that this conveys

information that a legal body has evaluated evidence following a particular legal procedure and has

come to a corresponding conclusion about war crimes. Perhaps this conveys the idea of an investi-

gation, with evidence weighed and debated in open court. And the Court only sends its signal that

Russia has committed war crimes after this careful process.

Another possibility is that respondents in swing states express disapproval of the United States

when it issues a negative judgment about other states because they view the United States as hypocrit-
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ical or hubristic. For example, Chow andLevin (2024) highlight the power of negative “whataboutism”

in international relations. It is possible that respondents express negative post-treatment attitudes

about trust in the United States because they believe that Americans have also committed similarly

objectionable acts. Here, perceptions of U.S. hypocrisy might have made third-party audiences more

skeptical of their accusations, as well. Respondents may be saying that the U.S. is untrustworthy as

part of their own broader condemnation of the United States.

6 Conclusions

Accusations about violations of international law generate both persuasion and backlash. Using sur-

vey experiments in four global swing states, we show that identical accusations against Russia lead to

divergent reactions when attributed to different sources. Accusations from the International Crimi-

nal Court produce modest persuasion among those who trust the ICC and do not already hold strong

prior beliefs about Russian guilt. In contrast, accusations from the United States often backfire, un-

dermining beliefs in the accusation. We offer a theoretical model to explain these patterns, showing

how belief updating is jointly shaped by priors and perceived source credibility.

Our results offer cautious optimism about the potential for international organizations to build

persuasive power through consistent and credible engagement. Although support for the Court is not

universal among publics in swing states, the ICC still persuaded some respondents. Even more en-

couragingly, its messages also increased perceptions of the Court’s own trustworthiness, even among

respondents who doubted the Court’s message. While we do not directly test a dynamic model of

treatment effects, the positive effects on trust in the Court suggest that the ICC can build a well of

trust that makes it even more persuasive in the future.

However, the contrast between the ICC findings and those for the United States is ominous with

respect to U.S. credibility. Our results suggest that the United States’ messaging is more harmful for

its agenda than remaining silent, at least with respect to public opinion in global swing states. U.S.

messaging was less effective even than the often-maligned ICC, and it backfired for a plurality of re-
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spondents. Notably, our surveys were implemented before the 2024 U.S. presidential elections. Global

perceptions of the United States have further declined after the survey. According to surveys con-

ducted in over 100 countries, China’s net favorability rating is now 19 points higher than the United

States’ and Russia’s net rating is only 4 points behind that of the United States.45 The United States’

lack of credibility for one issue could make its future messaging about another issue less credible. U.S.

policymakers that discount the importance of soft power would do well to remember that credibility

helps persuade others to back concrete punishments and hard power coercion against U.S. adversaries,

like sanctions or arms transfers to allies.

Our arguments speak to a broader literature on how sources of information shape public opinion.

We demonstrate a theoretical framework that generates testable predictions andmatch it with a survey

experimental design that allows for precisely testing its predictions. This framework makes it clear

how aggregate effects can obscure important heterogeneity. Without measurements of priors and

beliefs about sources, most experimental designs can’t discriminate between competing explanations

for heterogeneous effects or detect those effects based on how the respondent views the state of the

world and the source of the information. Similarly, many commonly used moderating variables may

conflate cross-cutting effects, which complicates their analysis as well.

To evaluate the generalizability of our framework, future research could vary the type of senders,

including both IOs and individual states. Many other institutions such as the International Court of

Justice, the European Union, and the United Nations also seek to shape public opinion through the

dissemination of information. Likewise, the framework could be applied to individual states’ efforts

to influence foreign publics through various channels, including public diplomacy or propaganda.46

Also, examining other audiences is an important extension. Beyond swing states, it would be

important to examine whether similar patterns would emerge in other swing states where public

opinion is strongly supportive of neither U.S. nor Russian leadership, such as Brazil or Malaysia. We

would also expect similar patterns of persuasion or backlash among swing audiences within strongly

aligned countries. For example, while overall public opinion in South Korea is strongly aligned with
45Nira Democracy Perception Index 2025 Report. https://www.niradata.com/dpi.
46Nye Jr (2008), Goldsmith and Horiuchi (2009), Goldsmith et al. (2021), Mattingly et al. (2025)
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the United States, there are audiences without strong support for either the United States or Russia.

The framework implies that these audiences’ reactions would follow similar patterns, and testing this

will be an important empirical extension.

Varying the message is another important exploration of the scope conditions of our argument.

For instance, there are many other important issues where courts make similar accusations to similar

audiences, but about other alleged perpetrators and events. In 2024, the ICC issued arrest warrants

for both Hamas and Israeli leaders in connection with the Israel–Palestine conflict. The Court’s in-

volvement in this case sparked significant public debate and controversy across countries and political

groups. Some governments, especially member states of the Rome Statute, welcomed the investiga-

tion, while other governments expressed strong opposition. Naming and shaming is also being more

frequently applied in contexts beyond international law and human rights, including whether coun-

tries meet their climate change and environmental obligations.47 Our approach provides a framework

for assessing the effects of these accusations, which is intrinsically valuable since these are important,

real-world events.

47Tingley and Tomz (2022).
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A Theory

A.1 Setup
We assume there is a binary state of the world that is unknown to the audience. Denote the state of
the world as 𝑆 ∈ {0, 1}, where 𝑆 = 1 describes a situation where the accused is guilty. They have,
in fact, committed war crimes. 𝑆 = 0 denotes that they are not guilty.48 The audience members
have heterogeneous prior beliefs about the state of the world. Each audience member, i, believes that
the state of the world is drawn from a Bernoulli distribution, where the probability that 𝑆 = 1 is
𝜋𝑖 ∈ [0, 1].

The audiencemembers all receive a common signal about the state of the world from a source. Let
𝑠1 indicate that the source has sent a signal that 𝑆 = 1, i.e. the source says “Russia is guilty.” Audience
members have heterogeneous prior beliefs about the trustworthiness of the source: 𝜎𝑖 = 𝑃𝑟(𝑠1|𝑆 =
1) = 𝑃𝑟(𝑠0|𝑆 = 0). In other words, 𝜎𝑖 denotes the audience member’s prior beliefs that the source
will send a signal that correctly matches the state of the world. For individual 𝑖, her priors are that 𝜎𝑖
is distributed according to a Beta distribution with parameters 𝛼𝑖 and 𝛽𝑖.49

We are interested in the treatment effect of a signal, 𝑠1, on the audience member’s posterior beliefs
about two things: (1) the state of the world and (2) source trustworthiness. Applying Bayes rule, her
posteriors about the state of the world are 𝑃𝑟(𝑆 = 1|𝑠1) = 𝜋𝑖𝛼𝑖

𝜋𝑖𝛼𝑖+(1−𝜋𝑖)𝛽𝑖
. Her posteriors about the

source have a Beta distribution. The fact that her posteriors about 𝜎 are distributed Beta follows from
the Beta-Bernoulli conjugacy. We define the treatment effect for the state of the world for audience
member 𝑖 as: Π𝑖 = Pr(𝑆 = 1|𝑠1) − 𝜋𝑖. The treatment effect for source trustworthiness is: Σ𝑖 =
𝔼 [𝜎𝑖|𝑠1] − 𝔼 [𝜎𝑖]. We use capital Greek letters to denote treatment effects.50

A.2 Expression for treatment effect about state of the world
The expression for the treatment effect for posteriors about the state of the world is a straightforward
application of Bayes’ rule. We omit the 𝑖 subscripts for simplicity.

Pr(𝑆 = 1 ∣ 𝑠1) = Pr(𝑆 = 1) Pr(𝑠1 ∣ 𝑆 = 1)
Pr(𝑆 = 1) Pr(𝑠1 ∣ 𝑆 = 1) + (1 − Pr(𝑆 = 1)) Pr(𝑠1 ∣ 𝑆 = 0)

We can compute the likelihood terms using expectations under the Beta distribution:
48Note, this can incorporate “guilt” meaning “the accused did the act and it is illegal” and innocence as “they didn’t do it”

or “they did it, but it wasn’t illegal.” Our framework fits with either.
49Beta distributions are bounded between zero and one. They also have an intuitive link to prior beliefs about source

quality. The expectation of source trustworthiness or accuracy for an audience member is the proportion of signals from
that source that correctly match the state of the world: 𝔼 [𝜎𝑖] = 𝛼𝑖

𝛼𝑖+𝛽𝑖
. This is equivalent to an audience member who

counts up the number of times the source has been correct in the past (𝛼𝑖) and the number of times the source has been
wrong (𝛽𝑖), and then uses the proportion of correct past signals as her prior for beliefs about source accuracy.

50It is worth noting that this description of a treatment effect does not capture updating in the absence of a signal. In
other words, the audience member does not say “I haven’t heard the source say anything about the state of the world, and
the absence of that information is itself informative about the state of the world.” Our exclusion of this directly matches
experimental settings, where the researcher can strictly control the absence of a signal and the respondent does not know
the information she could have received but did not receive. It is also a good first approximation ofwhat happens outside of
an experimental laboratory. News consumers have their preferred outlets and they consume the news that source provides
to them each day. But they are not often thinking about all of the articles the source could have chosen to write but did
not write.
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Pr(𝑠1 ∣ 𝑆 = 1) = ∫
1

0
𝑓(𝜎) ⋅ 𝜎 𝑑𝜎 = 𝔼[𝜎] = 𝛼

𝛼 + 𝛽

Pr(𝑠1 ∣ 𝑆 = 0) = ∫
1

0
𝑓(𝜎) ⋅ (1 − 𝜎) 𝑑𝜎 = 1 − 𝔼[𝜎] = 𝛽

𝛼 + 𝛽
Substituting into Bayes’ rule:

Pr(𝑆 = 1 ∣ 𝑠1) =
Pr(𝑆 = 1) ⋅ 𝛼

𝛼+𝛽
Pr(𝑆 = 1) ⋅ 𝛼

𝛼+𝛽 + (1 − Pr(𝑆 = 1)) ⋅ 𝛽
𝛼+𝛽

Simplifying:

Pr(𝑆 = 1 ∣ 𝑠1) = Pr(𝑆 = 1) ⋅ 𝛼
Pr(𝑆 = 1) ⋅ 𝛼 + (1 − Pr(𝑆 = 1)) ⋅ 𝛽

Letting 𝜋 = Pr(𝑆 = 1):

Pr(𝑆 = 1 ∣ 𝑠1) = 𝜋𝛼
𝜋𝛼 + (1 − 𝜋)𝛽

So the treatment effect, with 𝑖 subscripts reintroduced, is:

Π𝑖 = 𝜋𝑖𝛼𝑖
𝜋𝑖𝛼𝑖 + (1 − 𝜋𝑖)𝛽𝑖

− 𝜋𝑖

Figure 1 plots this Π𝑖 quantity for audience members with different values of 𝜋𝑖 and 𝜎𝑖. These
quantities are the predicted treatment effect for an audiencemember with each combination of values.
This is also equivalent to the treatment effect if we simulatedmany respondents in each cell, randomly
assigned them to treatment or control, and then regressed their posterior beliefs on an indicator for
treatment assignment. In other words, the heatmap also shows the predicted regression coefficient
desired in empirical studies.

A.3 Expression for treatment effect about source trustworthiness
The treatment effect for source trustworthiness is: Σ𝑖 = 𝔼 [𝜎𝑖|𝑠1] − 𝔼 [𝜎𝑖].

The first term, omitting 𝑖 subscripts again, 𝔼 [𝜎|𝑠1] can be written by breaking down the two
possibilities: either the sender was right or they were wrong.

𝔼 [𝜎|𝑠1] = Pr(𝑆 = 1 ∣ 𝑠1) ⋅ 𝔼 [𝜎|𝑠1, 𝑆 = 1] + Pr(𝑆 = 0 ∣ 𝑠1) ⋅ 𝔼 [𝜎|𝑠1, 𝑆 = 0]
Substituting the expression for Pr(𝑆 = 1 ∣ 𝑠1) from above…

𝔼 [𝜎|𝑠1] = 𝜋𝛼
𝜋𝛼 + (1 − 𝜋)𝛽 ⋅ 𝔼 [𝜎|𝑠1, 𝑆 = 1] + (1 − 𝜋𝛼

𝜋𝛼 + (1 − 𝜋)𝛽 ) ⋅ 𝔼 [𝜎|𝑠1, 𝑆 = 0]

𝔼 [𝜎|𝑠1] = 𝜋𝛼
𝜋𝛼 + (1 − 𝜋)𝛽 ⋅ 𝔼 [𝜎|𝑠1, 𝑆 = 1] + (1 − 𝜋)𝛽

𝜋𝛼 + (1 − 𝜋)𝛽 ⋅ 𝔼 [𝜎|𝑠1, 𝑆 = 0]
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For the term 𝔼 [𝜎|𝑠1, 𝑆 = 1], this occurs when the signal sender gets it “right.” Their signal cor-
rectly matched the state of the world. From the Beta-Bernoulli conjugacy, their “new” 𝜎 is distributed
Beta with parameters 𝛼 + 1 and 𝛽. The expectation of that new distribution is 𝛼+1

𝛼+𝛽+1 . For the term
𝔼 [𝜎|𝑠1, 𝑆 = 0], this occurs when the signal sender gets it “wrong.” The expectation of that new dis-
tribution is 𝛼

𝛼+𝛽+1 .
Substituting these expressions in…

𝔼 [𝜎|𝑠1] = 𝜋𝛼
𝜋𝛼 + (1 − 𝜋)𝛽 ⋅ 𝛼 + 1

𝛼 + 𝛽 + 1 + (1 − 𝜋)𝛽
𝜋𝛼 + (1 − 𝜋)𝛽 ⋅ 𝛼

𝛼 + 𝛽 + 1
Simplifying and re-adding 𝑖 subscripts…

𝔼 [𝜎𝑖|𝑠1] = 𝛼𝑖
𝛼𝑖 + 𝛽𝑖 + 1 ⋅ [1 + 𝜋𝑖

𝜋𝑖𝛼𝑖 + (1 − 𝜋𝑖)𝛽𝑖
]

Note that this expression is increasing in 𝜋𝑖. By extension, the treatment effect expression is also
increasing in 𝜋𝑖.

The full treatment effect expression is…

Σ𝑖 = 𝛼𝑖
𝛼𝑖 + 𝛽𝑖 + 1 ⋅ [1 + 𝜋𝑖

𝜋𝑖𝛼𝑖 + (1 − 𝜋𝑖)𝛽𝑖
] − 𝛼𝑖

𝛼𝑖 + 𝛽𝑖

Figure 2 plots this Σ𝑖 quantity for audience members with different priors about the state of the
world and the trustworthiness of the source, similarly to Figure 1.

A.4 Relation to motivated reasoning models
A large body of research contrasts Bayesian models of belief updating with alternate models of belief
formation, such as those based on motivated reasoning. In motivated reasoning models, individuals
form posteriors based on accuracy and directional motives. They may want to get their posteriors
“right” (an accuracy motive), but they may also like it when their posteriors are closer to a preferred
point (the directional motive). Kertzer et al. (2020) is a good example from international relations
research. They describe how motivated reasoning conditions individuals’ reactions to information
about costly signaling. “It is precisely those who are motivated to find evidence of a costly signal who
act as classic signalling models would expect, while those motivated not to update their beliefs do not
respond to the treatments to the same degree, and sometimes not at all” (97). They predict, and find,
that individuals with more cooperative internationalist attitudes and/or less militant internationalist
attitudes will respond more to costly signals. In their particular application, liberals and those with
more positive feelings toward Iran responded more to costly signals from Iran.

Coppock (2023, ch 7) and Little (2025) both argue that Bayesian models and most motivated rea-
soning models are indistinguishable with most experimental designs. If a piece of information moves
a respondent in a particular way, this could be because she had a particular configuration of priors and
accuracy beliefs about the signal or because she had particular biases about the direction of her pre-
ferred posterior belief. In the example fromKertzer et al. (2020), thosewho respondedmost to a signal
may have had directional motives or they may have had different beliefs about the likelihood function
generating those signals. A cooperative internationalist may subconsciously think “I am responding
to this treatment in the intended direction because it pushes me toward my preferred posterior” or
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they may think “I am responding to this treatment in the intended direction because signals like this
are more credible.” Source credibility is sometimes described as a likelihood ratio, e.g. (Pr(signal | Iran
is peaceful) / Pr(signal | Iran is not peaceful)). Without measurements of priors and the respondent’s
beliefs about the signal’s credibility, these alternatives are impossible to distinguish from one another.

We do not attempt to resolve this extensive debate about Bayesianmodels versus their alternatives.
Rather, we make two remarks. First, whatever model is used, it should make precise predictions
about the direction and magnitude of treatment effects. If those predicted effects are moderated by
receiver characteristics (like priors), then themodel shouldmake apparentwhatmust bemeasured pre-
treatment to test predictions about whowill bemost moved by a treatment. Making predictions based
on Bayesian or motivated reasoning models generally requires measurements of priors and likelihood
functions. Coppock (2023) argues that we can’t tell Bayesian and motivated reasoning stories apart
because “We would love to know if changing a likelihood changed a posterior, holding exposure to
evidence constant, since that would provide direct evidence for the Bayesian model. But we can’t,
because likelihood functions are imaginary constructs whose existence in people’s minds we can only
posit.” (137-8). However, just because likelihoods are hard to manipulate, this does not mean that
they are impossible to measure. With measurements of priors and likelihoods, Bayes rule gives a
predicted posterior, and by extension, a predicted treatment effect, that can be assessed against data.
A motivated reasoning model would require those two measurements as well.51

Second, in the context of diplomaticmessaging and IO endorsements, it is important for anymodel
of updating to accommodate persuasion and backlash. Existing International Relations work gives
strong reasons to think that both phenomena occur in the real world.52 Though, in contrast, recent
work on American politics emphasizes an absence of backlash.53 Therefore, any model of the effects
of diplomatic or IOmessaging should be capable of yielding both types of effects. In most applications
of motivated reasoning models, backlash does not occur. Predicted treatment effects may be muted,
such as when a receiver chooses to discard information that does not match her priors. However,
they generally do not generate predictions where information moves receivers in the opposite of its
intended direction.

In applications using informal models of motivated reasoning, backlash usually is only predicted
when motivated reasoning is paired with another mechanism, such as one based on social identity
theory. For example, “Because you (an outgroup member) criticized an ingroup member, I backlash
against your persuasion attempt.” We don’t dispute this phenomenon or attempt to resolve these
debates either. However, note that our setting is not one in which an ingroup member is criticized.
Russia (the target of the criticism) is not an ingroup member for Indonesian or South African respon-
dents.

A.5 Predicted treatment effects under alternative theoretical models
For comparison with our model’s prediction in Figure 1, Figures A.1–A.3 plot the predicted treatment
effect on beliefs about the state of the world under four leading alternative theoretical models. These

51Little (2025) shows that these stories will still be indistinguishable, since the priors themselves could be generated
from directional motives. We agree. However, our goal again is not to prove or disconfirm the existence of motivated
reasoning models. Our goal is to say “conditional on observing priors and likelihoods, Bayes rule gives useful predictions
about the types of individuals for whom treatment effects will be largest.”

52E.g. Terman (2023) on shaming and Goldsmith and Horiuchi (2009) on diplomacy.
53E.g. Coppock (2023)
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figures are intended as stylized summaries of common empirical expectations, not full formalizations
of each theoretical tradition. All four heatmaps use the same axes and color scale as Figure 1. Blue cells
indicate positive treatment effects (persuasion, Π𝑖 > 0), red cells indicate negative treatment effects
(backlash, Π𝑖 < 0), and gray cells indicate regions for which the model makes no prediction. None
of these alternatives can explain the joint 𝜋 × 𝜎 heterogeneity that our model predicts and that we
empirically show in the main results.

A.5.1 Studies showing “No Backlash” effects in American Politics

Some studies, including Coppock (2023), Broockman and Kalla (2025), and Guess and Coppock
(2020), suggest that persuasive information moves audience members’ beliefs in the intended
direction. Treatment effects are positive throughout and backlash is not predicted to occur. This
pattern can be visualized as audiences across subgroups updating their beliefs in the direction of the
information, producing positive treatment effects throughout.
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Figure A.1: Alternative model: persuasion in parallel. Predicted treatment effect under the
persuasion-in-parallel hypothesis.
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A.5.2 Motivated Reasoning and Backlash

There are a variety of models that are sometimes grouped under the label “motivated reasoning.” One
of the most common versions predicts that audience members accept signals that are congenial to
their prior beliefs and discount or reject those that are not (e.g., Taber and Lodge 2006; Levendusky
2013). These models emphasize prior beliefs about the state of the world. Information persuades
audience members with high prior beliefs about the state of the world and produces null responses
among those with low prior beliefs. Those people discount the new information. Other versions
of motivated reasoning predict backlash and polarization (e.g., Arceneaux and Johnson 2013). Their
predictions are shown in A.2.
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Figure A.2: Alternative model: motivated reasoning without and with backlash.
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A.5.3 Floor and Ceiling Effects

Some other arguments predict floor and ceiling effects. In the case of a persuasive piece of information,
ceiling effects generally argue that respondents with high prior beliefs about the state of the world
cannot be moved further “upwards.” The predicted treatment effect therefore looks something like
this.
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Figure A.3: Alternative model: ceiling effect. Audience members with high prior beliefs about the
target’s guilt have little room to move upward on the dependent variable and therefore exhibit null or
small persuasion responses to a guilty signal. The model makes no prediction for audience members
with lower priors on the issue (gray cells), and it makes no prediction that depends on prior trust in
the source.
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A.6 Relation to Signaling Models
In our model, the audience begins with a prior distribution over the messenger’s credibility. The
audience member’s belief that a signal from the messenger correctly matches the state of the world is
𝜎𝑖 ∼ Beta(𝛼𝑖, 𝛽𝑖). The messenger’s credibility is an unobserved attribute that the audience member
has priors over and then updates her beliefs over.

This is compatible with models where the messenger has a “type” and the audience updates her
beliefs based on a triangulation of her own preferences and her beliefs about the type of themessenger.
For example, the saying that “It takes a Nixon to go to China” is based on this intuition. Since Nixon’s
“type” was strongly anti-communist, he could credibly signal that it was the right decision to build
relations with China.

To see how our setup is compatible with this type of model and intuition, we could relax our
model’s assumption that a messenger’s credibility is the same for all signals. We assumed Pr(𝑠1 ∣ 𝑆 =
1) = Pr(𝑠0 ∣ 𝑆 = 0). The audience held beliefs that the messenger’s signal matched the state of the
world, for both possible states of the world.

An extension would let the audience members have beliefs about Pr(𝑠1 ∣ 𝑆 = 1) and Pr(𝑠0 ∣
𝑆 = 0) be drawn from different distributions. For example, an audience member 𝑖’s beliefs could
be distributed with parameters 𝛼1

𝑖 , 𝛽1
𝑖 for Pr(𝑠1 ∣ 𝑆 = 1) and 𝛼0

𝑖 , 𝛽0
𝑖 for Pr(𝑠0 ∣ 𝑆 = 0). Each of

the expressions above would be identical, just with the signal-specific likelihood functions substituted
into Bayes rule.

Suppose a messenger was signaling against type, e.g. the United States sends the signal that Russia
is not guilty of war crimes. For an audience member who understands that this is contrary to what
we’d expect, since the United States has little incentive to exonerate its adversary, they might begin
with prior beliefs that Pr(𝑠0 ∣ 𝑆 = 0) is distributed with parameters {𝛼0

𝑖 = 15, 𝛽0
𝑖 = 5}. If these

beliefs originated from the audience member’s past experiences, this is equivalent to saying “Of the
past 20 times the messenger has sent this signal, it has been correct 15 times and incorrect 5 times.” If
the audience member’s prior beliefs about Russia’s guilt were 𝜋𝑖 = 0.5, then the treatment effect (in
terms of the audience member’s posterior probability that 𝑠 = 0) of this against-type signal is:

Π0
𝑖 = 𝜋𝑖𝛼0

𝑖
𝜋𝑖𝛼0

𝑖 + (1 − 𝜋𝑖)𝛽0
𝑖

− 𝜋𝑖 = 0.5 ⋅ 15
0.5 ⋅ 15 + 0.5 ⋅ 5 − 0.5 = 0.25

Compare this with an audience’s updated beliefs for a messenger who is signaling “with type.” For
example, suppose the messenger always says “guilty” regardless of the true state of the world. The
audience’s prior beliefs about the messenger’s credibility might be distributed with parameters {𝛼0

𝑖 =
10, 𝛽0

𝑖 = 10}. This signal is uninformative and the treatment effect is weaker (zero).

Π1
𝑖 = 𝜋𝑖𝛼1

𝑖
𝜋𝑖𝛼1

𝑖 + (1 − 𝜋𝑖)𝛽1
𝑖

− 𝜋𝑖 = 0.5 ⋅ 10
0.5 ⋅ 10 + 0.5 ⋅ 10 − 0.5 = 0

A related difference between our setup and common signaling models is that we did not let the
messenger be strategic. Our finding that many messages backfire arises because many audience mem-
bers think somemessages areworse than uninformative. To get negative treatment effects, themessage
must be more likely to be wrong than to be right, e.g. {𝛼𝑖 = 5, 𝛽𝑖 = 10}. If the audience member
held the same beliefs about the messenger’s credibility for both types of signals, (e.g. {𝛼0

𝑖 = 𝛼1
𝑖 =

5, 𝛽0
𝑖 = 𝛽1

𝑖 = 10}), then a rational messenger should just send the opposite signal. If the audience
treats the messenger’s signals as the opposite of what they mean, then a rational messenger should say
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the opposite of their desired outcome. In other words, in light of our experimental findings, wemight
ask “why doesn’t the United States just say that Russia is innocent, so that the audience actuallymoves
toward thinking that they are guilty?”

The brief sketch of what the model would look like with an audience that has different priors over
the credibility of each signal ({𝛼0

𝑖 ≠ 𝛼1
𝑖 , 𝛽0

𝑖 ≠ 𝛽1
𝑖 }) shows how we could extend the model to remove

this possibility. Suppose the audience understood that themessengerwas biased toward saying “Russia
is guilty” (𝛼0

𝑖 > 𝛼1
𝑖 and/or 𝛽0

𝑖 < 𝛽1
𝑖 ). The messenger could switch to saying “Russia is innocent,” but

this would only make the audience update their beliefs more in the direction of Russian innocence.
Wekept the presentation of themodel simple in themainmanuscript for parsimony and tomatch a

simpler experimental setup, where we only treat respondents with a “guilty” signal. To experimentally
test a more complicated model, we would have to have signal-specific pre-treatment measures and
randomize over both types of signals.
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B Complete Survey Instrument, Summary Statistics
This section of the appendix describes every item on the survey. We include the entire instrument
here for transparency and to hopefully reassure readers that we did not mine for moderat-
ing/heterogeneous treatment effects. Researchers have understandably become more worried about
mining for results, particularly when investigating heterogeneous treatment effects - as is the focus
of this paper. For readers worried that these HTE arguments are an example of mining, we wanted
to show that this is the survey instrument in its entirety. The survey was designed to assess the
predictions of the theoretical model – heterogeneous effects from prior beliefs about the state of
the world and the trustworthiness of sources. The most likely candidate for an alternative HTE
argument was cooperative internationalism. We also included it because the theoretical model makes
it clear why the moderating effect of CI is ambiguous, which is what we find empirically. There
aren’t other moderators that we could potentially mine, or at least none that are tied directly to a
formal model that makes precise predictions about what type of respondent should show what type
of heterogeneous treatment effects.

Pre-registration is a useful check on mining for HTE and encourages researchers to have a high
level of fidelity between their theory, instruments, and analysis. However, we think and hope that this
study has a level of fidelity between the theory, its predicted heterogeneous treatment effects, and the
accompanying survey instrument, that meets or exceeds the standard of modern survey experimental
work.

Pre-registration is also valuable for checkingwhether particular results aremined among different
specifications. For this, Appendix D details the similarity of the mainmanuscript’s results to estimates
from a wide array of alternate specifications.

B.1 Survey outline
We first asked for informed consent. Respondents then had to pass a simple attention check that said
“People are very busy these days andmany do not have time to followwhat goes on in the government.
We are testing whether people read questions. To show that you’ve read this much, answer both”extremely
interested” and “very interested.”

We then presented the following six blocks, with their order randomized. We call them “blocks”
but they are essentially one question, with responses for a small set of items. One block measured
respondents’ prior beliefs about whether countries had violated international law. We cared most
about the item asking about Russia. The next four blocks measured beliefs about information sources.
We cared most about the items asking about the United States and the ICC. The fifth block measured
cooperative internationalism.

B.2 Measuring prior beliefs
This block measured the respondent’s prior beliefs that a country had broken international law. The
underlined text below was not displayed to respondents. It is only here for readability. We included
China and the United States to have other countries, but the key item here was the question about
Russia.
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• Prior beliefs about breaking international law Countries sometimes violate international laws
of war that restrict attacking civilians and other acts. In your opinion, what is the percent
chance that the countries below have violated international laws of war over the last 5 years?
(0-100, order of items randomized)
– Russia
– United States
– China

B.3 Measuring beliefs about information sources
The next set of blocks measured pre-treatment views about the trustworthiness of each source. Since
respondents would not have been able to express their answers in terms of a likelihood function
(e.g. “What’s the probability the ICC says Russia is guilty if they are guilty?”), we used three differ-
ent types of questions: about whether a country/international organization tells the truth, whether
they are a trustworthy source of information, and a general feeling thermometer. The key items are
those asking about the United States or the ICC. We again included other entities so that the entire
focus was not just on the United States and ICC.

• Trustworthiness There are many sources of information about international affairs. Some
sources of information are trustworthy and others are not. On a scale of 1-100, with zero being
the least trustworthy and 100 being the most trustworthy, where would you place the following
sources of information? (order of items randomized)
– The International Criminal Court
– The United States government
– The media

• Countries Telling the Truth Countries criticize each other. Sometimes they are telling the truth
and other times they have another motive. In your opinion, what is the percent chance that
these countries are telling the truth when they criticize another country? (0-100, order of items
randomized)
– The United States
– China
– France

• IOs Telling the Truth International organizations accuse countries of breaking international
rules. Sometimes they are telling the truth and other times they have another motive. In your
opinion, what is the percent chance that these international organizations are telling the truth
when they accuse countries of breaking international rules? (0-100, order of items randomized)

– The International Criminal Court
– TheWorld Health Organization
– The European Union

• ThermometerWe’d like to get your feelings toward certain countries and international organi-
zations on a “feeling thermometer.” A rating of zero degrees means you feel as cold and nega-
tive as possible. A rating of 100 degrees means you feel as warm and positive as possible. You
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would rate the country or organization at 50 degrees if you don’t feel particularly positively
or negatively toward them. How do you feel about the following countries or international
organizations? (order of items randomized)
– United States
– The International Criminal Court
– Russia
– Israel

B.4 Cooperative internationalism
This block used the standard set of items for cooperative internationalism. This, too, was measured
pre-treatment.

• Cooperative internationalism (agree/disagree, 5-point scale, order of items randomized)
– It is essential for my country to work with other countries to solve problems such as over-
population, hunger, and pollution.

– It is important for countries to work together to tackle global challenges.
– Countries should work together through international organizations.
– Protecting the global environment is very important.
– Helping to improve the standard of living in other countries is very important.

B.5 Post-treatment measures
The main manuscript already contains the exact treatment text. Post-treatment, we measured the
respondent’s posterior beliefs about Russian guilt and the trustworthiness of information sources. We
randomized the order of the outcome measures and the order of items within outcome measures,
where appropriate. For trustworthiness, we used the term “biased” to tap into the concept, without
using the exact same words as the pre-treatment measures.

• Outcome: Russian Guilt How likely is it that Russian leaders have committed war crimes in
Ukraine? (100-point scale)

• Outcome: Trustworthiness of Source Some sources of information are biased and others are
not. On a scale of 0-100, with 100 being the most biased, where would you place the following
sources of information?

– The International Criminal Court
– US government
– The media

• Outcome: Foreign Policy Support

– Do you agree or disagree that your country’s government should impose sanctions on the
Russian government, companies, and individuals?
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– Do you agree or disagree that your country’s government should provide military aid to
Ukraine?

– Do you agree or disagree that your country’s government should provide non-military
aid to Ukraine?

After that, respondents answered two manipulation check questions and then demographic ques-
tions.

• Manipulation Checks

– In one of the earlier questions, we asked about war crimes. Which country’s leaders were
accused of committing war crimes in that question? (Russia, USA, Guatemala)

– In that same earlier question, who was accusing Russian leaders of war crimes? (The
International Criminal Court, The US government, The Ukrainian government)

• Demographics
– Which political party do you feel most closely represents your views? (The lists varied by
country.)

– What is the highest level of education you have completed? (9-point scale, ranging from
”No formal schooling” to ”Post-graduate”)

– What is your current working status? (6 standard options)
– What is your approximate monthly income? (12-point scale, currency and ranges varied
by country)

– In political matters, people talk of ”the left” and ”the right.” Please tell me where would
you place your views on a 10-point scale where 1 is the ‘left’ and 10 is the ‘right’? (10-point
scale)
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B.6 Summary statistics
This figure shows the distribution of responses to the pre-treatment questions about prior Russian
guilt and perceptions of the two sources. The variables are positively correlated, but not completely so.
Figure B.1 shows the distribution of these two things, with all countries pooled. Respondents generally
think Russia is guilty, as seen by more dots clustered in the top half of the figures. Respondents also
tend to have greater trust in the ICC, as seen by more dots clustered on the right-hand side for the
ICC. Plenty of respondents choose “typical” answers, like 50 and 100, as seen by respondents located
around the borders.
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Figure B.1: Distribution of priors about Russian guilt and trust in the source, all countries.
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B.7 Country specific summary information
Figure B.2 shows how countries differed in their pre-treatment beliefs about Russian guilt.
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Figure B.2: Distribution of priors about Russian guilt by country.
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B.8 Support for policy options
Figure B.3 and Figure B.4 show baseline levels of support for the different policy responses. These
summary statistics are for respondents in the control group. Baseline support was generally higher
for non-military aid, whereas support for military aid and sanctions appeared more split.
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Figure B.3: Baseline Support for Foreign Policy (pooled)
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Figure B.4: Baseline Support for Foreign Policy (by country)
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B.9 Manipulation Checks
We implemented twomanipulation checks to assess whether the treatments had their intended effects.
The first check asks, “Which country’s leaders were accused of committing war crimes in that question?” The
second asks, “In that same earlier question, who was accusing Russian leaders of war crimes?”.54

Table B.1: Mean Manipulation Check Pass Rates

sample Pass Rate Q1 Pass Rate Q2
Indonesia 0.454 0.553
India 0.750 0.474
Turkey 0.799 0.639
South Africa 0.926 0.614
Overall 0.732 0.570

The pass rate for the first and second manipulation check was 73.2% and 57%, respectively.

54The second check was more demanding, which lowered its pass rate. Its answer choices were ”The Ukrainian gov-
ernment,” ”The International Criminal Court,” and ”The US government,” and many respondents chose the Ukrainian
government.
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B.10 Hypocrisy and Trust
Since our pre-treatment items also asked whether the respondents thought the United States had
broken international law, we also looked at whether this was correlated with perceptions of trustwor-
thiness of the United States. They are correlated. Table B.2 shows results from regressing trust in the
United States on the respondent’s answer to the question about whether the United States had broken
international law (numerical). Respondents who thought the United States had broken international
law were less trusting of it as an information source.

Table B.2: Beliefs About U.S. Violation of International Law and Trust in the U.S.

Dependent variable:

Trust in the United States
No Controls With Controls

(1) (2)

U.S. Violated Intl. Law −0.219∗∗∗ −0.179∗∗∗

(0.012) (0.013)
Age −0.073∗

(0.032)
Female 4.900∗∗∗

(0.698)
Education −1.100∗∗∗

(0.177)
Income 0.203

(0.136)
Voted for Incumbent 13.200∗∗∗

(0.730)
Constant 65.000∗∗∗ 66.800∗∗∗

(0.877) (2.010)

Observations 6,553 5,408

Note: †p<0.1; ∗p<0.05; ∗∗p<0.01; ∗∗∗p<0.001

A-20



B.11 Balance tests
These are balance tests using the approach in Hansen and Bowers (2008) Samples are generally well
balanced in key covariates, while there are some imbalances in individual covariates. For example,
there were more women in the ICC treatment group in Turkey, compared to the control group. In
Indonesia, respondents in the USA treatment group had slightly higher incomes than the control
group. These are unlikely to have had major effects on treatment effects.

Table B.3: ICC Treatment Balance Test

country covariate Control Treated Std.Diff Z p.value
age 36.748 36.102 -0.060 -0.860 0.390
education 8.222 8.367 0.060 0.863 0.388
female 0.486 0.512 0.051 0.733 0.464
income_numeric 6.057 6.415 0.111 1.601 0.109

Indonesia

incumbent 0.187 0.206 0.048 0.689 0.491
age 36.327 36.075 -0.023 -0.355 0.723
education 5.681 5.617 -0.043 -0.679 0.497
female 0.544 0.511 -0.065 -1.014 0.310
income_numeric 6.744 6.634 -0.054 -0.850 0.395

South Africa

incumbent 0.325 0.312 -0.029 -0.444 0.657
age 35.735 35.583 -0.014 -0.222 0.824
education 7.450 7.333 -0.082 -1.314 0.189
female 0.466 0.481 0.031 0.500 0.617
income_numeric 4.136 3.977 -0.063 -1.017 0.309

India

incumbent 0.647 0.600 -0.096 -1.546 0.122
age 38.411 38.121 -0.026 -0.372 0.710
education 8.519 8.428 -0.078 -1.155 0.248
female 0.446 0.527 0.163 2.303 0.021
income_numeric 5.196 5.141 -0.036 -0.535 0.593

Turkey

incumbent 0.237 0.218 -0.045 -0.640 0.522
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Table B.4: USA Treatment Balance Test

country covariate Control Treated Std.Diff Z p.value
age 36.748 36.649 -0.009 -0.133 0.894
education 8.222 8.278 0.023 0.326 0.745
female 0.486 0.452 -0.068 -0.973 0.330
income_numeric 6.057 6.644 0.186 2.670 0.008

Indonesia

incumbent 0.187 0.172 -0.039 -0.557 0.578
age 36.327 36.021 -0.027 -0.424 0.671
education 5.681 5.716 0.024 0.379 0.705
female 0.544 0.514 -0.061 -0.947 0.344
income_numeric 6.744 6.737 -0.004 -0.057 0.954

South Africa

incumbent 0.325 0.303 -0.049 -0.752 0.452
age 35.735 35.890 0.014 0.220 0.826
education 7.450 7.419 -0.023 -0.369 0.712
female 0.466 0.478 0.025 0.399 0.690
income_numeric 4.136 4.156 0.008 0.121 0.904

India

incumbent 0.647 0.675 0.059 0.945 0.344
age 38.411 38.678 0.024 0.345 0.730
education 8.519 8.338 -0.147 -2.193 0.028
female 0.446 0.505 0.119 1.667 0.096
income_numeric 5.196 5.099 -0.062 -0.916 0.360

Turkey

incumbent 0.237 0.231 -0.014 -0.193 0.847
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C Full Tables for Main Draft
This appendix reports the full regression output underlying each main-text figure.55

C.1 Figure 4: Aggregate treatment effects on posterior beliefs about Russian
war crimes

Table C.1, Table C.2, and Table C.3 report the regressions underlying Figure 4.

Table C.1: Effect of ICC Treatment onWar Crimes Beliefs (ICC vs. Control)

No Controls With Controls

(1) (2)

ICC Treatment −0.282 −0.784
(0.784) (0.838)

Age −0.001
(0.039)

Female 7.160∗∗∗

(0.841)
Education −1.540∗∗∗

(0.212)
Income 0.228

(0.165)
Voted for Incumbent 0.692

(0.880)
Constant 68.700∗∗∗ 76.200∗∗∗

(0.556) (2.250)

Observations 4,345 3,620

Note: †p<0.1; ∗p<0.05; ∗∗p<0.01; ∗∗∗p<0.001

55Small last-decimal differences between the ATEs displayed in the box figures and the sum of the corresponding rows
in the regression tables are display rounding. Each table coefficient is rounded to three significant figures before display,
while each figure cell’s ATE is rounded to three decimals after summation. Both refer to the same underlying values.
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Table C.2: Effect of U.S. Treatment onWar Crimes Beliefs (USA vs. Control)

No Controls With Controls

(1) (2)

USA Treatment −2.130∗∗ −2.330∗∗

(0.790) (0.845)
Age 0.044

(0.039)
Female 8.380∗∗∗

(0.846)
Education −1.480∗∗∗

(0.217)
Income 0.271

(0.167)
Voted for Incumbent 1.160

(0.884)
Constant 68.700∗∗∗ 73.100∗∗∗

(0.559) (2.280)

Observations 4,327 3,588

Note: †p<0.1; ∗p<0.05; ∗∗p<0.01; ∗∗∗p<0.001
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Table C.3: Effect of ICC Treatment onWar Crimes Beliefs (ICC vs. USA arms only)

No Controls With Controls

(1) (2)

ICC Treatment 1.850∗ 1.530†

(0.792) (0.851)
Age 0.046

(0.039)
Female 7.400∗∗∗

(0.853)
Education −1.350∗∗∗

(0.216)
Income 0.093

(0.165)
Voted for Incumbent 0.587

(0.894)
Constant 66.600∗∗∗ 71.500∗∗∗

(0.561) (2.270)

Observations 4,344 3,608

Note: †p<0.1; ∗p<0.05; ∗∗p<0.01; ∗∗∗p<0.001
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C.2 Figure 5: Aggregate treatment effects on the policy support composite in-
dex

Table C.4: Effect of ICC Treatment on Policy Support Composite Index (ICC vs. Control)

No Controls With Controls

(1) (2)

ICC Treatment 0.048 0.041
(0.030) (0.033)

Age −0.001
(0.002)

Female 0.260∗∗∗

(0.033)
Education −0.008

(0.008)
Income 0.007

(0.007)
Voted for Incumbent 0.018

(0.035)
Constant 3.080∗∗∗ 3.060∗∗∗

(0.022) (0.089)

Observations 4,348 3,620

Note: †p<0.1; ∗p<0.05; ∗∗p<0.01; ∗∗∗p<0.001
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Table C.5: Effect of U.S. Treatment on Policy Support Composite Index (USA vs. Control)

No Controls With Controls

(1) (2)

USA Treatment −0.024 −0.046
(0.030) (0.034)

Age 0.0004
(0.002)

Female 0.230∗∗∗

(0.034)
Education 0.013

(0.009)
Income 0.007

(0.007)
Voted for Incumbent 0.056

(0.035)
Constant 3.080∗∗∗ 2.840∗∗∗

(0.022) (0.091)

Observations 4,335 3,588

Note: †p<0.1; ∗p<0.05; ∗∗p<0.01; ∗∗∗p<0.001
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Table C.6: Effect of ICC Treatment on Policy Support Composite Index (ICC vs. USA arms only)

No Controls With Controls

(1) (2)

ICC Treatment 0.072∗ 0.089∗∗

(0.030) (0.033)
Age 0.001

(0.002)
Female 0.225∗∗∗

(0.033)
Education 0.012

(0.008)
Income 0.002

(0.006)
Voted for Incumbent 0.039

(0.035)
Constant 3.060∗∗∗ 2.830∗∗∗

(0.021) (0.089)

Observations 4,349 3,608

Note: †p<0.1; ∗p<0.05; ∗∗p<0.01; ∗∗∗p<0.001
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C.3 Figure 7: Effect of ICC treatment by subgroup
Table C.7 and Table C.8 report the regressions underlying Figure 7. Figure C.1 maps the four 2 × 2
cells to rows of those tables. The red cell is the BASELINE (predicted backlash) and the blue cell is the
predicted persuasion group.

To recover the cell-level ATE plotted in either pane of Figure 7 from Table C.7 or Table C.8, sum
two rows:

• High Prior, Low Trust (BASELINE): ATE= ICC Treatment (in High Prior, Low Trust) row.
• High Prior, High Trust: ATE= ICC Treatment (in High Prior, Low Trust) row+ ICC Tmt×
High Prior, High Trust row.

• Low Prior, Low Trust: ATE = ICC Treatment (in High Prior, Low Trust) row + ICC Tmt ×
Low Prior, Low Trust row.

• Low Prior, High Trust: ATE= ICC Treatment (in High Prior, Low Trust) row+ ICC Tmt×
Low Prior, High Trust row.

ICC Tmt ×
High Prior, Low Trust

(Baseline)

ICC Tmt ×
High Prior, High Trust

ICC Tmt ×
Low Prior, Low Trust

ICC Tmt ×
Low Prior, High Trust

Low

High

Low High

Trust in Source
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Figure C.1
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Table C.7: ICC Treatment× Subgroup Interactions (No Controls)

Dependent variable:
War Crime Beliefs Policy Support

(1) (2)

ICC Tmt× Low Prior, High Trust 6.370∗∗ 0.257∗∗

(2.250) (0.092)
ICC Tmt× Low Prior, Low Trust 1.990 0.109

(2.060) (0.084)
ICC Tmt× High Prior, High Trust 2.480 0.054

(2.080) (0.085)
ICC Treatment (in High Prior, Low Trust) −3.110† −0.058

(1.600) (0.065)
Low Prior, High Trust −14.900∗∗∗ −0.165∗

(1.570) (0.064)
Low Prior, Low Trust −20.700∗∗∗ −0.419∗∗∗

(1.460) (0.060)
High Prior, High Trust 4.010∗∗ 0.285∗∗∗

(1.480) (0.061)
Constant 77.000∗∗∗ 3.160∗∗∗

(1.120) (0.046)

Observations 4,345 4,348

Note: †p<0.1; ∗p<0.05; ∗∗p<0.01; ∗∗∗p<0.001
ICC Treatment is the effect in the baseline cell: High Prior, Low Trust. Interaction rows
are differences from that baseline.
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Table C.8: ICC Treatment× Subgroup Interactions (With Controls)

Dependent variable:
War Crime Beliefs Policy Support

(1) (2)

ICC Tmt× Low Prior, High Trust 4.440† 0.244∗

(2.410) (0.101)
ICC Tmt× Low Prior, Low Trust 0.144 0.091

(2.250) (0.094)
ICC Tmt× High Prior, High Trust 1.840 0.046

(2.220) (0.093)
ICC Treatment (in High Prior, Low Trust) −2.370 −0.050

(1.730) (0.073)
Low Prior, High Trust −13.200∗∗∗ −0.169∗

(1.690) (0.071)
Low Prior, Low Trust −18.900∗∗∗ −0.419∗∗∗

(1.590) (0.067)
High Prior, High Trust 5.120∗∗ 0.258∗∗∗

(1.570) (0.066)
Age −0.026 −0.002

(0.036) (0.001)
Female 6.840∗∗∗ 0.247∗∗∗

(0.770) (0.032)
Education −1.740∗∗∗ −0.013

(0.194) (0.008)
Income −0.062 −0.001

(0.152) (0.006)
Voted for Incumbent 0.939 0.018

(0.807) (0.034)
Constant 87.000∗∗∗ 3.250∗∗∗

(2.320) (0.097)

Observations 3,620 3,620

Note: †p<0.1; ∗p<0.05; ∗∗p<0.01; ∗∗∗p<0.001
ICC Treatment is the effect in the baseline cell: High Prior, Low Trust. Interaction rows
are differences from that baseline.
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C.4 Figure 8: Effect of U.S. treatment by subgroup
Table C.9 and Table C.10 report the regressions underlying Figure 8. The reference cell is High Prior,
LowTrust. The same row-to-cell mapping shown in Figure C.1 applies (substituting “USA” for “ICC”).

Table C.9: U.S. Treatment× Subgroup Interactions (No Controls)

Dependent variable:
War Crime Beliefs Policy Support

(1) (2)

USA Tmt× Low Prior, High Trust 3.330 0.165†

(2.170) (0.088)
USA Tmt× Low Prior, Low Trust 1.410 0.168∗

(2.030) (0.082)
USA Tmt× High Prior, High Trust 2.860 0.177∗

(2.060) (0.083)
USA Treatment (in High Prior, Low Trust) −4.030∗∗ −0.153∗

(1.550) (0.063)
Low Prior, High Trust −13.100∗∗∗ −0.051

(1.510) (0.061)
Low Prior, Low Trust −24.700∗∗∗ −0.484∗∗∗

(1.450) (0.059)
High Prior, High Trust 1.940 0.346∗∗∗

(1.470) (0.059)
Constant 78.300∗∗∗ 3.130∗∗∗

(1.100) (0.045)

Observations 4,327 4,335

Note: †p<0.1; ∗p<0.05; ∗∗p<0.01; ∗∗∗p<0.001
USA Treatment is the effect in the baseline cell: High Prior, Low Trust. Interaction rows
are differences from that baseline.
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Table C.10: U.S. Treatment× Subgroup Interactions (With Controls)

Dependent variable:
War Crime Beliefs Policy Support

(1) (2)

USA Tmt× Low Prior, High Trust 2.040 0.207∗

(2.340) (0.098)
USA Tmt× Low Prior, Low Trust −0.375 0.151

(2.200) (0.092)
USA Tmt× High Prior, High Trust 2.050 0.194∗

(2.190) (0.092)
USA Treatment (in High Prior, Low Trust) −3.110† −0.184∗∗

(1.670) (0.070)
Low Prior, High Trust −11.200∗∗∗ −0.074

(1.640) (0.069)
Low Prior, Low Trust −22.700∗∗∗ −0.452∗∗∗

(1.570) (0.066)
High Prior, High Trust 3.030† 0.334∗∗∗

(1.550) (0.065)
Age 0.047 0.0005

(0.035) (0.001)
Female 7.110∗∗∗ 0.187∗∗∗

(0.768) (0.032)
Education −1.680∗∗∗ 0.007

(0.196) (0.008)
Income −0.050 −0.003

(0.152) (0.006)
Voted for Incumbent 0.926 0.028

(0.803) (0.034)
Constant 84.900∗∗∗ 3.010∗∗∗

(2.310) (0.097)

Observations 3,588 3,588

Note: †p<0.1; ∗p<0.05; ∗∗p<0.01; ∗∗∗p<0.001
USA Treatment is the effect in the baseline cell: High Prior, Low Trust. Interaction rows
are differences from that baseline.
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C.5 Figure 9: Aggregate effect of treatment on trust in source
Table C.11 and Table C.12 report the regressions underlying Figure 9.

Table C.11: Aggregate Effect of ICC Treatment on Trust in ICC

Dependent variable:

Trust in ICC
No Controls With Controls

(1) (2)

ICC Treatment 1.800∗ 1.500†

(0.790) (0.871)
Age 0.138∗∗∗

(0.040)
Female −0.835

(0.874)
Education −0.199

(0.220)
Income 0.052

(0.171)
Voted for Incumbent −1.030

(0.914)
Constant 41.800∗∗∗ 38.600∗∗∗

(0.559) (2.340)

Observations 4,343 3,620

Note: †p<0.1; ∗p<0.05; ∗∗p<0.01; ∗∗∗p<0.001
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Table C.12: Aggregate Effect of U.S. Treatment on Trust in U.S.

Dependent variable:

Trust in U.S.
No Controls With Controls

(1) (2)

USA Treatment −1.590† −1.520
(0.857) (0.937)

Age 0.003
(0.043)

Female 0.953
(0.939)

Education 0.702∗∗

(0.240)
Income −0.465∗

(0.185)
Voted for Incumbent 0.716

(0.980)
Constant 37.700∗∗∗ 34.100∗∗∗

(0.606) (2.530)

Observations 4,328 3,588

Note: †p<0.1; ∗p<0.05; ∗∗p<0.01; ∗∗∗p<0.001

C.6 Effect of treatment on trust in source, moderated by priors about Russian
guilt

Table C.13 and Table C.14 report the interaction-term regressions of treatment on trust in the source,
moderated by prior beliefs about Russian guilt. In both tables Prior denotes the respondent’s pre-
treatment belief that Russia committed war crimes, measured on a 0–100 scale.
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Table C.13: Effect of ICC Treatment on Trust in ICC, Interacted with Prior

Dependent variable:

Trust in ICC
No Controls With Controls

(1) (2)

ICC Tmt× Prior 0.057† 0.042
(0.030) (0.033)

ICC Treatment −2.040 −1.350
(2.190) (2.450)

Prior −0.088∗∗∗ −0.084∗∗∗

(0.021) (0.023)
Age 0.142∗∗∗

(0.040)
Female −0.762

(0.873)
Education −0.249

(0.220)
Income 0.076

(0.171)
Voted for Incumbent −1.130

(0.913)
Constant 47.700∗∗∗ 44.400∗∗∗

(1.540) (2.840)

Observations 4,343 3,620

Note: †p<0.1; ∗p<0.05; ∗∗p<0.01; ∗∗∗p<0.001
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Table C.14: Effect of U.S. Treatment on Trust in U.S., Interacted with Prior

Dependent variable:

Trust in U.S.
No Controls With Controls

(1) (2)

USA Tmt× Prior 0.031 0.003
(0.032) (0.036)

USA Treatment −3.620 −1.700
(2.350) (2.600)

Prior −0.166∗∗∗ −0.142∗∗∗

(0.023) (0.025)
Age 0.009

(0.043)
Female 1.220

(0.932)
Education 0.601∗

(0.239)
Income −0.387∗

(0.184)
Voted for Incumbent 0.691

(0.973)
Constant 48.800∗∗∗ 43.700∗∗∗

(1.650) (3.050)

Observations 4,328 3,588

Note: †p<0.1; ∗p<0.05; ∗∗p<0.01; ∗∗∗p<0.001
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C.7 Figure 11: Effect of treatment on trust in source, by 2x2 subgroup
Table C.15 and Table C.16 report the regressions underlying Figure 11. The reference cell is High Prior,
Low Trust; the same row-to-cell mapping as in Figure C.1 applies.

Table C.15: Effect of ICC Treatment on Trust in ICC, by Subgroup. Reference cell:
High Prior, Low Trust.

Dependent variable:

Trust in ICC
No Controls With Controls

(1) (2)

ICC Tmt× Low Prior, High Trust −3.320 −3.260
(2.460) (2.730)

ICC Tmt× Low Prior, Low Trust −4.480∗ −4.400†

(2.260) (2.540)
ICC Tmt× High Prior, High Trust −1.160 −1.630

(2.290) (2.510)
ICC Treatment (in High Prior, Low Trust) 4.230∗ 4.010∗

(1.750) (1.960)
Low Prior, High Trust 2.820 3.610†

(1.730) (1.910)
Low Prior, Low Trust 3.650∗ 3.140†

(1.600) (1.800)
High Prior, High Trust −2.220 −2.220

(1.620) (1.780)
Age 0.145∗∗∗

(0.040)
Female −0.787

(0.873)
Education −0.169

(0.220)
Income 0.090

(0.172)
Voted for Incumbent −1.140

(0.915)
Constant 40.700∗∗∗ 36.900∗∗∗

(1.230) (2.620)

Observations 4,343 3,620

Note: †p<0.1; ∗p<0.05; ∗∗p<0.01; ∗∗∗p<0.001
ICC Treatment is the effect in the baseline cell: High Prior, Low Trust. Interaction rows are differences
from that baseline.
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Table C.16: Effect of U.S. Treatment on Trust in U.S., by Subgroup. Reference cell:
High Prior, Low Trust.

Dependent variable:

Trust in U.S.
No Controls With Controls

(1) (2)

USA Tmt× Low Prior, High Trust −3.860 −2.440
(2.590) (2.860)

USA Tmt× Low Prior, Low Trust −0.348 2.750
(2.430) (2.680)

USA Tmt× High Prior, High Trust −1.700 −0.174
(2.460) (2.670)

USA Treatment (in High Prior, Low Trust) −0.124 −1.730
(1.850) (2.040)

Low Prior, High Trust 6.280∗∗∗ 4.490∗

(1.810) (2.000)
Low Prior, Low Trust 5.450∗∗ 3.920∗

(1.730) (1.910)
High Prior, High Trust −1.270 −2.050

(1.750) (1.900)
Age 0.002

(0.043)
Female 1.290

(0.939)
Education 0.745∗∗

(0.239)
Income −0.381∗

(0.185)
Voted for Incumbent 0.762

(0.980)
Constant 35.000∗∗∗ 31.600∗∗∗

(1.320) (2.820)

Observations 4,328 3,588

Note: †p<0.1; ∗p<0.05; ∗∗p<0.01; ∗∗∗p<0.001
USA Treatment is the effect in the baseline cell: High Prior, Low Trust. Interaction rows are differences
from that baseline.
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D Robustness
This section describes robustness checks for themain results and the regression tables for places where
we reported or plotted coefficients.

D.1 Aggregate effect on posteriors, with country-specific intercepts
To show aggregate effects of treatment on posterior beliefs about Russian guilt, the main manuscript
showed results with a single intercept. Figure D.1 shows results with a country-specific intercept.
Results are very similar.

War Crime
Beliefs

−4 −2 0 2 4

ICC treatment USA treatment

War Crime
Beliefs

−4 −2 0 2 4

ICC−USA

Figure D.1: Treatment effects on posteriors about Russian guilt, with country-specific intercepts.
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D.2 Figure D.2: Aggregate treatment effects on support for policy responses

Support
Sanctions

Support
Military Aid

Support
Non−Mil. Aid

−0.2 −0.1 0.0 0.1 0.2

ICC Treatment USA Treatment

Support
Sanctions

Support
Military Aid

Support
Non−Mil. Aid

−0.2 −0.1 0.0 0.1 0.2

ICC−USA

Figure D.2: Aggregate treatment effects on support for policy responses. The left pane shows the
effect of the ICC and U.S. treatments, relative to the control group, on support for non-military aid to
Ukraine, military aid, and sanctions on Russia. The right pane shows the effect of the ICC treatment,
relative to the U.S. treatment.
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D.3 Hypothesis 1: Sample sizes in the boxes
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ICC: Policy Support
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USA: War Crime Beliefs
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USA: Policy Support
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D.4 Hypothesis 1: Alternate specifications for the boxes
Evaluating Hypothesis 1 requires making decisions about how to compare the surface in Figure 1 with
the empirical results. Recall, Figure 1 shows the predicted treatment effect – posterior beliefs about
the state of the world minus priors – as priors and trust in the source vary. There is no simple linear
estimation strategy to ask “do the treatment effects reflect the predictions in Figure 1?” In the main
manuscript, we estimated treatment effects by regressing outcomes on a treatment indicator inter-
acted with indicator variables for which of the four cells the respondent was in. The main manuscript
shows results when cells are defined by country-specific medians for the priors beliefs and trust mea-
sures. There are different possible ways to define the cells. Respondents could be assigned to cells
based on whether they were above or below a global median, for example. The regression itself could
include country fixed effects and/or control variables. These are each different ways to approximate
the contoured surface in Figure 1.

Here, we describe results from a wide array of alternate specifications. In general, the specifi-
cations shown in the main manuscript are representative of those here. Point estimates vary and
statistical significance does change for some parts of some specifications. But the overall patterns are
similar: persuasion is strongest in the bottom right and backlash is most prominent in the top left.
The ICC effects are more split between persuasion and backlash, whereas the U.S. treatment triggers
more backlash overall.

D.4.1 H1: Boxes based on universal medians

The figures below replicate the boxes from the main manuscripts, but rather than classifying respon-
dents in relation to a country-specific median, they use a global median.
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D.4.2 Robustness Checks for H1 with Different Model Specifications

The key comparison focuses on the “HL” and “LH” groups. “HL” refers to respondents who are high
in their priors about Russia and low in their trust in the source. “LH” refers to respondents who are
low in their prior beliefs about Russian guilt and high in their trust in the source. The framework
predicts that estimated treatment effects for HL should be negative (backlash), while estimated effects
for LH should be positive (persuasion). “Diff p-val” reports whether the difference in treatment effects
between these two groups (ATE_HL vs ATE_LH) is statistically significant.
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D.5 ICC Treatment Effects from Different Model Specifications
The figures below showhow treatment effects vary across the four quadrants under alternative choices
about how to define quadrants and estimate effects. They report estimates using different model
specifications, with different permutations of possible decisions. These include whether quadrants
are defined using medians versus means (labeled “Split=Median/Mean”), whether demographic con-
trols are included (“Controls=Yes/No”), and whether country fixed effects are included (“Country
FE=Yes/No”).

The key takeaway is that the estimates are similar to those in the main manuscript. These esti-
mation choices tend to all suggest persuasion where expected (positive coefficients), backlash where
expected (negative coefficients), and a difference in the estimates for the two quadrants.
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D.6 USA Treatment Effects from Different Model Specifications
The figure below repeats the same series of specifications for the USA treatment. The results are
similar to the description in the main manuscript. The patterns are generally as expected but the
statistical significance is not as consistent across outcomes, compared to the ICC treatment.

Diff p−value=0.072

Diff p−value=0.401

Diff p−value=0.524

Diff p−value=0.125

Diff p−value=0.326

Split=Median | Controls=Yes | Country FE=Yes

Split=Median | Controls=No | Country FE=Yes Split=Median | Controls=Yes | Country FE=No

Split=Mean | Controls=No | Country FE=No Split=Median | Controls=No | Country FE=No

−10 −5 0 5 10

−10 −5 0 5 10 −10 −5 0 5 10

−10 −5 0 5 10 −10 −5 0 5 10

ATE HL (Backlash Predicted) ATE LH (Persuasion Predicted)

USA Treatment Effects −War Crime Beliefs

A-48



Diff p−value=0.084

Diff p−value=0.070

Diff p−value=0.040

Diff p−value=0.060

Diff p−value=0.043

Split=Median | Controls=Yes | Country FE=Yes

Split=Median | Controls=No | Country FE=Yes Split=Median | Controls=Yes | Country FE=No

Split=Mean | Controls=No | Country FE=No Split=Median | Controls=No | Country FE=No

−0.4 −0.2 0.0 0.2 0.4 0.6

−0.4 −0.2 0.0 0.2 0.4 0.6 −0.4 −0.2 0.0 0.2 0.4 0.6

−0.4 −0.2 0.0 0.2 0.4 0.6 −0.4 −0.2 0.0 0.2 0.4 0.6

ATE HL (Backlash Predicted) ATE LH (Persuasion Predicted)

USA Treatment Effects −Policy Support Composite Index

A-49



D.7 H1: Linear interaction terms
Since we used linear interaction term models in the Hypothesis 2 analysis, here are the results from
those models where the beliefs about Russian guilt is the DV. The lines should be upward sloping and
they are.
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Figure D.5: Effect of treatment on posteriors about Russian guilt, as beliefs about the source vary.
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E Appendix for cooperative internationalismmoderation
Did cooperative internationalism moderate treatment effects? Our theoretical model suggests that
the effects of CI (cooperative internationalism) are ambiguous. On the one hand, respondents who
scored higher on the CI measures should show larger treatment effects for the ICC. Presumably, they
should have higher pre-treatment beliefs about the trustworthiness of the ICC’s information, which
should magnify the ICC treatment effect. This is analogous to the argument most commonly found
in existing research. On the other hand, they also are likely to already have higher prior beliefs about
Russian guilt, which has a non-monotonic effect on the magnitude of predicted treatment effects. It
could mute treatment effects for respondents who already strongly believe in Russian guilt. In our
sample, both of these correlations were apparent. Higher CI respondents had higher beliefs about the
trustworthiness of the ICC and higher prior beliefs in Russian guilt.
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Figure E.1: Moderating Effects of Cooperative Internationalism

Our surveys included standard, pre-treatment cooperative internationalism items. We asked
about the respondents’ agreement (on a 5-point scale) with the following statements: (1) “It is
essential for my country to work with other countries to solve problems such as overpopulation,
hunger, and pollution” (2) “It is important for countries to work together to tackle global challenges,”
(3) “Countries should work together through international organizations,” (4) “Protecting the global
environment is very important,” and (5) “Helping to improve the standard of living in other countries
is very important.”56

56We randomized the order of these items. We did not ask about militant internationalism, since our focus was on
international law.
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Note that this same ambiguity applies tomoderation based on partisanship.57 A respondent’s party
identification could affect their perception of sources. In South Africa, the African National Congress
(ANC) is generally less aligned with the United States than the Democratic Alliance (DA). On the
one hand, this could mean that ANC members would be less moved by information from the United
States. On the other hand, their members may not already have a deeply held belief that Russia is
guilty of war crimes, which means their opinions are more movable. A DA member might be more
trusting of the United States, which magnifies treatment effects. But they may already think Russia is
guilty, muting treatment effects. Increasing trust in a source of information unambiguously increases
the treatment effect of information from that source. But moving prior beliefs has a non-monotonic
effect on treatment effects. Treatment effects are biggest for people withmoderate prior beliefs. Since
many moderating variables, like party identification, are correlated with both, their net effect is hard
to predict, theoretically.

Figure E.2 shows the estimated treatment effects, broken down by whether respondents were
above or below the average score on the CI items. The left pane shows effects on posterior beliefs
about Russian war crimes. The right pane shows effects on the policy support composite index.

Cooperative internationalism has inconsistent moderating effects. Looking first at the ICC treat-
ment effects, higher CI respondents had weaker ICC treatment effects on both war crime beliefs and
the policy support composite index. This is contrary to expectations that are based only on a theory
that links CI with perceptions of an IO’s credibility. On the other hand, this would be consistent with
a theory that links CI to a ceiling effect, where high CI respondents already believe Russia is guilty, so
they can’t raise this posterior probability much higher.

Looking next at a comparison of ICC and USA treatment effects, the difference between the ICC
and USA effects among high CI respondents is comparable to the difference among low CI respon-
dents on both outcomes.58
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War Crime Beliefs

High CI
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−0.1 0.0 0.1

Policy Support
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Figure E.2: Treatment effects on war crime beliefs and the policy support composite index, broken
down by cooperative internationalism.

57For examples where partisanship moderates the effects of an informational treatment, see Chaudoin (2023) and Brut-
ger (2021).

58In the appendix, we also estimate 2x2 boxes using CI and prior beliefs as the two moderating variables. There are not
clear patterns.
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Our point here is not that CI contains no useful information or that it has no effect on attitudes
toward foreign policies. On the contrary, it is well-correlated with important parameters, like prior
beliefs about theworld or about the trustworthiness of sources. CI is a good predictor of foreign policy
attitudes. However, it is theoretically ambiguous as a moderator of treatment effects. CI is a bundle
of things related to priors, and therefore its net impact on predicted treatment effects is theoretically
ambiguous. CI also likely contains other things thatmoderate treatment effects inways that go beyond
Bayesian updating. In our application, this ambiguity was borne out, even though CI was correlated
with prior attitudes as expected.

Above, we stated that correlations between cooperative internationalism and prior beliefs about
Russian guilt / perceptions of the ICC were as we would expect. We show that here. Higher CI re-
spondents weremore likely to believe that Russia was guilty ex ante and they had higher pre-treatment
perceptions of the ICC.
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R = 0.051, p < 0.01
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E.1 Box plots using cooperative internationalism as the moderator
We also re-estimated the box plots from the main manuscript, using the CI measure instead of our
pre-treatment measures of source trustworthiness. We do not find the same patterns.
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Figure E.3: Effect of ICC treatment with cooperative internationalism as the moderator. Left
pane: war crime beliefs. Right pane: policy support composite index.
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